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ABSTRACT 
Emerging technologies offer promising tools for aircraft maintenance, but their application to the unscheduled diagnosis 

and testing of avionics components is poorly documented, particularly in military contexts. This systematic literature 

review, following PRISMA guidelines, covers technologies applied to avionics maintenance between 2020 and 2025. 

Searches of Scopus and Google Scholar returned 2,949 records; 47 studies were included after screening and assessed 

through the Technology–Organization–Environment (TOE) framework. The Colombian Army's flight control 

computer (FCC) maintenance challenges serve as a motivating case. Four thematic categories were identified: 

diagnostics and testing of aeronautical components; diagnostics and testing of avionics components; FCC diagnostics 

and testing; and efficiency in aeronautical maintenance. Simulation-based testing, particularly hardware-in-the-loop 

approaches, reduces diagnostic times and costs; artificial intelligence and machine learning improve diagnostic accuracy 

but depend on data infrastructure that defense organizations frequently lack. Technological complexity and 

organizational readiness are the principal barriers to adoption. The review found limited application of these 

technologies to FCC post-repair validation, identifying this as a gap and a research priority. 
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1.   INTRODUCTION 

Maintenance is essential to aircraft availability and airworthiness, and it is conventionally divided into two 

types: scheduled and unscheduled [1]. Scheduled maintenance takes place during inspections of aircraft 

systems and components, triggered by the time elapsed since the previous inspection [2]. Unscheduled 

maintenance, by contrast, arises from unforeseen events during operation. Military aviation is particularly 

exposed to the latter: aircraft fly a wide range of missions, often from harsh and unimproved sites, so their 

components wear more rapidly and reach the end of their service life sooner. This wear frequently makes 

depot-level or major repair necessary, that is, a complex intervention involving the complete reconstruction of 

parts, assemblies, and subassemblies [3]. 

Avionics are among the most demanding components to maintain in this way. They are classified as critical 

items because their failures are difficult to predict, and maintenance manuals treat them as condition-

monitoring items [4]. The system comprises extensive wiring harnesses that connect subsystems and 

components throughout the airframe [5], and its correct operation is fundamental to helicopter flight. Within 

the avionics suite, the flight control computer (FCC) deserves particular attention. It processes sensor data and 

pilot commands in order to adjust the flight control systems automatically, thereby preserving the stability and 

safety of the aircraft. 

Despite growing interest in emerging technologies for aeronautical maintenance, existing research has 

concentrated on predictive and scheduled maintenance strategies and on systems that monitor aircraft during 

operation. Few studies critically assess the range of advanced technologies available for diagnosing and testing 

avionics components during unscheduled maintenance, when those components have been removed from the 

aircraft. 

The gap is most evident for critical subsystems such as the FCC, and it widens in military settings, where 

operational, organizational, and data availability constraints differ from those of civil aviation. This review 

addresses that gap by linking emerging technologies to the technical procedures of unscheduled maintenance 

under the restrictive operating conditions of military defense organizations. 

The Colombian Army illustrates what these constraints mean in practice. It is the country's largest operator 

of military helicopters, and the fleet gives the institution its mobility and maneuver capability, supporting the 

defense of national sovereignty, aeromedical evacuation, firefighting, and disaster response, as well as military 

operations. Colombian Army records report approximately 33 FCC failures per year [6], and roughly 35% of 

the aviation sustainment budget is absorbed by unscheduled maintenance [7]. 

Because this work is unforeseen and occurs frequently, it is not provided for in the organization’s annual 

operating budget, and diagnosing, repairing, and testing the affected components consumes human and 

material resources that must be found elsewhere. The result is a problem with four dimensions: limited local 

repair capacity, high repair costs, long waiting times, and reduced aircraft availability. 
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Two questions follow: (i) which technologies are currently applied in aircraft maintenance, including the 

diagnosis and testing of avionics components and the flight control computer? and (ii) to what extent do these 

technologies improve the efficiency of aircraft maintenance, particularly within military organizations? 

Answering them is necessary to guide the development and implementation of technologies capable of 

improving aviation maintenance efficiency in the defense sector, and to direct future research. 

This article pursues three objectives: (i) to review the existing literature on the use of technology in the 

aeronautical maintenance of avionics components; (ii) to examine the potential benefits of these technologies 

for military maintenance organizations; and (iii) to derive evidence-based recommendations for technology 

adoption in the Colombian Army that reflect the specific needs of the institution. The Colombian Army 

therefore serves as a motivating case rather than as the object of study. The literature reviewed is global in scope, 

and the findings apply broadly to comparable defense maintenance environments. 

The main contribution of this article to the scientific literature is the analysis and consolidation of 

technological trends in the aeronautical maintenance of avionics components, with the FCC treated as  

a representative case within a defense institution. The outcomes fall into three groups: (i) an updated synthesis 

of the state of the art in emerging technologies for aeronautical maintenance; (ii) the identification of 

knowledge gaps in the application of these technologies within the defense sector; and (iii) dual-use guidance 

relevant to both the aeronautical industry and defense maintenance organizations. 

2.  BACKGROUND 

Maintenance is one of the largest single costs in aviation operations [8]. That cost is shaped above all by 

whether the work is planned, which is why maintenance activities are divided into scheduled and unscheduled. 

Scheduled maintenance is planned on the basis of flight hours, flight cycles, and calendar intervals, and is 

carried out according to a schedule that specifies both the procedures to be followed and the method for 

recording inspection and test results. Unscheduled maintenance is triggered instead by technical failures, 

reported defects, and faults found during inspection; it may originate in a scheduled task, in a pilot report, or in 

an unforeseen event such as a hard landing, overweight operation, or ground damage [9]. 

Total maintenance expenditure typically accounts for between 10% and 25% of an operator’s direct 

operating costs [10–13]. Unscheduled work adds to that burden in a distinctive way, because an unexpected 

component failure keeps the aircraft on the ground for longer, which lengthens turnaround times and raises 

costs [14]. 

Avionics form a safety-critical system: once a failure occurs, it can compromise the safe operation of the 

aircraft [15]. They are also expensive to maintain on modern aircraft, where these systems alone can account for 

up to 30% of total maintenance cost and therefore for a substantial share of operator expenditure [16]. 

Reported failure rates for avionics systems vary widely, from 20% to 50% [16], but even at the lower bound 

their effect on the maintenance budget is significant. 
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When an avionics failure occurs, the repair is carried out by highly trained personnel following a meticulous 

process based on visual inspection and on the detailed procedures set out in the manufacturer’s technical 

manuals. The tools are conventional. Data are collected with standard laboratory instruments such as 

multimeters, signal generators, and oscilloscopes, so that fault diagnosis remains an entirely manual activity. 

Where repair is not possible in-house, the operator must turn to external suppliers, whether national or 

international, and that dependence drives up costs and lengthens repair lead times, reducing component 

availability and the operational readiness of the fleet. 

These pressures are compounded where public finances are tight. In countries such as Colombia, high 

inflation coincides with an austerity policy in defense spending that reflects a broader commitment to fiscal 

discipline and to the efficient use of public resources [17]. Funding is not the only politically determined 

variable. Political decisions also govern when and how the armed forces employ their aircraft, and that 

employment in turn shapes the demand for maintenance and repair [18]. Military institutions therefore carry  

a maintenance burden set largely outside their own control, and must look for alternatives that make their 

operations sustainable. 

Against these constraints, technological trends point toward more sophisticated, digitized, and automated 

approaches to aviation maintenance. The industry describes this shift as Aeronautical Maintenance 4.0,  

a paradigm that promotes both safety and efficiency across the sector [19,20], and it frames the technologies 

examined in the remainder of this review. 

3.  MATERIAL AND METHODS 

This study follows the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) 

guidelines [21]. The review proceeded in three phases. The first identified keywords and located associated and 

related terms using thesauri and earlier research. Once all relevant terms had been selected, search strings were 

constructed for the Scopus and Google Scholar databases (Table 1). The cut-off date for the search was 2 

January 2026. 

Table 1. Identification of keywords. 

Bibliographic 

Database

Keywords

Scopus ALL ( ( ( "technology" OR "technologies" OR "methodologies" ) AND ( "automation" OR 

"automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness" ) AND 

( "fault diagnosis" OR "fault testing" OR "fault identification" OR "validating" OR "test" OR 

"testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis 

equipment" ) AND ( "aviation industry" OR "aviation maintenance" ) ) AND PUBYEAR > 

2020 AND PUBYEAR < 2026
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The search string was deliberately broad. It combined general concepts of technology, automation, and 

fault diagnosis with aircraft maintenance in order to retrieve publications on technologies applied to the 

diagnosis and testing of avionics components, rather than restricting the query to “flight control computer” 

and its synonyms. The intention was to map the full spectrum of emerging technologies in aircraft 

maintenance and to avoid narrowing the results prematurely to a single component. 

This choice carries a methodological limitation: studies on the FCC published under alternative names 

were not searched for explicitly and may have been discarded during title and abstract screening where the 

terminology did not match “FCC” or “flight control computer” exactly. During full-text review, however, 

studies were identified that dealt specifically with the architecture, integration, validation, or testing of the 

flight control computer, which made it possible to assess the current state of the evidence for this critical 

component. 

Articles published in journals indexed in the first, second, and third quartiles (Q1–Q3) were selected to 

ensure scientific relevance. Gray literature was also considered, given the restricted nature of military and 

defense data. The search returned 2,949 records; after duplicates were removed, 2,093 documents remained for 

screening. Table 2 sets out the inclusion and exclusion criteria applied. 

Table 2. Selection criteria. 

Bibliographic 

Database

Keywords

Google Scholar (("technology" OR "technologies" OR "methodologies") AND ("automation" OR "automated" 

OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness") AND ("fault 

diagnosis" OR "fault testing" OR "fault identification" OR "validating" OR "test" OR "testing" 

OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment") 

AND ("aviation industry" OR "aviation maintenance"))

Criteria Inclusion Exclusion

Language English Non-English

Timeline 2020–2025 <2020

Type of literature Journals indexed in Q1, Q2, or Q3; 

conference papers; reports

Book

Publication status Final In press

Subarea Technology, management, and 

engineering

Humanities, medicine, and other areas outside 

the inclusion criteria
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Applying these criteria left 122 initially eligible articles. Titles and abstracts were then screened, which 

produced a final sample of 47 articles, as shown in Figure 1. 

Fig. 1. PRISMA flow diagram for the systematic review. 

* Scopus relevance filter for the technology, management, and engineering fields. 

** Not relevant to avionics maintenance, or not concerned with emerging technologies. 

A keyword co-occurrence analysis was carried out alongside the systematic search in order to identify 

thematic clusters and conceptual connections. The resulting network is shown in Figure 2, which displays the 

frequency of recurring terms and the links between them. Four main clusters emerged. 
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Fig. 2. Keyword co-occurrence network for avionics component maintenance efficiency  

in the defense sector, 2020–2025. 

The four clusters are: (i) maintenance efficiency (green); (ii) avionics maintenance (orange);  

(iii) technologies employed (blue); and (iv) defense sector (purple). 

3.1 Data Extraction 
In line with the objectives set out in the introduction, two research questions guided the collection, analysis, 

and categorization of data: 

RQ1: Which technologies are currently applied in aircraft maintenance, including the diagnosis and testing 

of avionics components and flight control computers? 

RQ2: To what extent do these technologies improve the efficiency of aircraft maintenance, particularly 

within military organizations? 

An inductive narrative synthesis was used to answer these questions. This approach organizes findings 

through theoretical conceptualization and explores relationships within and between studies, providing  

a transparent, structured, and rigorous critical appraisal of the evidence rather than a numerical summary  

[22–24].  

Data on objectives, methods, technologies studied, and principal results were first extracted into preliminary 

analysis files. Open thematic coding was then applied in order to record recurrences and convergent patterns 

inductively [25]. Finally, the findings were compared across studies. 

Each article was reviewed independently by each author of the present review; the authors then 

consolidated their assessments through a consensus process. Conceptual discrepancies arising during study 

selection and thematic coding were resolved by discussion until agreement was reached on the final 

classification of every article. 
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The scientific relevance and methodological quality of the studies were assessed against the eligibility 

criteria defined above, with priority given to (i) consistency between the stated research objectives, the research 

questions, and the reported results; (ii) clarity and reproducibility of the methodology described; (iii) 

publication in journals indexed in the Q1–Q3 quartiles whose methodological soundness was established 

through peer review; and (iv) a description of the technologies evaluated detailed enough to support the 

comparative analysis. These criteria ensured that the included studies met an adequate standard of scientific 

rigor and were relevant to the aims of the review. 

Because this is a systematic review with narrative synthesis, intended to identify and categorize established 

and validated technological trends rather than to pool evidence quantitatively, no formal risk-of-bias 

assessment was performed. The aim was to integrate and compare the findings reported in the literature 

conceptually. 

Each study was assigned to its final category on the basis of the thematic relevance of its results and of  

a consensus interpretation derived from the Technology–Organization–Environment (TOE) framework. This 

procedure ensured consistency in classification and interpretation while remaining aligned with the objectives 

and methodological scope of the review. 

The TOE framework was adopted for classification and interpretation because it integrates the 

technological factors, organizational capabilities, and environmental conditions that shape technology 

implementation, all of which are relevant to the aims of this review. Unlike models designed to explain 

technology adoption by individuals or users, the TOE framework supports the analysis of technologies within 

complex organizational settings such as defense-sector aircraft maintenance. 

Although the framework was developed to explain the adoption and implementation of technology, recent 

studies have used it as an analytical device for identifying and categorizing literature [26, 27]. Here it served as 

a complementary tool for organizing and interpreting the findings of the systematic review, clarifying how the 

results in each category relate to the operational reality of military aviation. 

After data extraction, each study was analyzed in terms of the technology evaluated, its principal benefits, its 

limitations, and its context of application. These elements were then thematically coded and grouped according 

to the three dimensions of the TOE framework. The technological dimension captured the characteristics, 

advantages, and disadvantages of each technology. The organizational dimension gathered factors relating to 

maintenance efficiency, institutional capabilities, and the resources required for implementation. The 

environmental dimension covered the regulatory, operational, geographic, and security factors of the defense 

sector that influence adoption. 

4.  RESULTS 

The review identified a range of technologies being implemented in aeronautical maintenance, with 

particular attention to avionics components. The analysis produced four categories, derived from the search 

criteria. 
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The categories are interrelated, and each groups a distinct set of technologies and methods: (i) diagnostics 

and testing of aeronautical components; (ii) diagnostics and testing of avionics components; (iii) flight control 

computer diagnostics and testing; and (iv) efficiency in aeronautical maintenance. 

4.1 Diagnostics and Testing of Aeronautical Components 
The studies in this category fall into three groups: those concerned with augmented reality and robotics at 

the point of inspection, those concerned with data-driven diagnosis, and those concerned with modeling and 

simulation. 

Within Industry 4.0, technologies such as augmented reality and machine learning are gaining ground in 

aviation maintenance, although many remain at the pre-production stage [28]. Before they can be deployed, 

their compliance with current maintenance standards must be evaluated in detail, together with the regulatory 

changes their adoption might require [29]. 

Several studies report the use of augmented reality in remote maintenance, and others find that augmented 

and virtual reality (AR/VR) improve accuracy in both inspection tasks and staff training. They converge on two 

obstacles: the learning demands placed on operators and the cost of the supporting infrastructure. 

Two applications illustrate the range. One combines computer vision with augmented reality to inspect 

avionics electrical connectors in confined spaces, reducing the physical burden on technicians and improving 

the accuracy of the task [30]. The other introduces a robotic architecture for avionics integration testing,  

in which computer vision, robotics, and user interaction subsystems take over work previously performed by 

hand [31]. Both remain at an early stage of development, and both report risks arising from the complexity of 

integration and from the reliability of the underlying algorithms. 

A second group of studies addresses the data generated by maintenance rather than the physical task itself. 

Big data, machine learning, and smart systems are held to be central to managing uncertainty in maintenance 

planning [32], and the concept of the “hangar of the future” describes the convergence of digital twins,  

the Internet of Things (IoT), and robotics across maintenance and repair processes [33]. Digitizing these 

processes delivers efficiency and traceability, but it continues to meet organizational resistance and a shortage 

of technical skills [34]. 

Prognostics and health management frameworks for maintenance monitoring are presented as  

a fundamental element of the aeronautical industry, although regulatory and cultural obstacles remain to be 

overcome in both military and civil organizations [35]. 

Efficiency in maintenance and diagnostics is likewise said to rest on big data, the IoT, and artificial 

intelligence algorithms, which support condition-based planning, projections of component life expectancy, 

and a reduction in unexpected failures. The corresponding challenges are model reliability, resilience in 

implementation, and cybersecurity [36]. 

Supervised learning algorithms for classifying damage to aircraft systems achieve acceptable accuracy but 

depend on the storage of large volumes of data [37]. Predictive modeling to anticipate failures is therefore  

a promising direction, provided that the risks of data dependency are accounted for. 



MAINTENANCE EFFICIENCY; AVIONICS; FLIGHT CONTROL COMPUTER; EMERGING TECHNOLOGIES; DEFENSE SECTOR; SYSTEMATIC LITERATURE REVIEW

78

A third group turns to modeling and simulation. Model-based testing and hardware-in-the-loop (HIL) 

simulation are reported to be useful for verifying avionics systems ahead of maintenance tasks, allowing faults 

to be identified early, diagnostic time to be shortened, and test results to be made more reliable. These studies 

also acknowledge drawbacks: modeling is inherently complex, maintenance planners do not always understand 

the recommendations that algorithms produce, and test patterns require continuous updating [38,39]. 

A final study widens the frame, treating simulation as relevant not only to maintenance but also to safe 

flight operations [40]. On this account, simulation can shorten staff training and education time while 

improving component diagnostics and testing, although the approach needs to mature further before it can be 

verified and deployed in operational environments. 

4.2 Diagnostics and Testing for Avionics Components 
This category focuses on technologies applied not to aeronautical components in general but specifically to 

avionics, including the FCC. Real-time simulation is the dominant thread. One line of work develops HIL 

technology, in which real hardware is connected to a simulated environment, allowing assembly and 

maintenance tasks to be tested and validated virtually [41]. 

Model-based systems engineering (MBSE) has been used alongside HIL to test and validate components 

against a representation of the system under test, covering both its physical and its logical elements and 

simulating system behavior across a range of scenarios. Model-based testing of cockpit displays extends this 

approach by automating tests through scenario generation and validating the results using computer vision. 

Applied mainly to the scheduled maintenance of cockpit display systems, where recurring interface faults are 

readily identified, the method reduces manual effort during testing but requires high-precision simulation 

environments [42]. 

A second thread applies deep learning to the diagnosis problem directly. Algorithms for sensor data fusion 

in the real-time diagnosis of flight control systems report 97.8% accuracy in fault identification and a 25% 

improvement in fault localization over conventional approaches when applied in unscheduled maintenance to 

identify unexpected faults. The constraint is the need for robust computing infrastructure and reliable historical 

databases [43], both of which are scarce in resource-limited, budget-bound sectors such as military defense.  

A related algorithm for avionics modules, built on deep neural networks with hybrid attention mechanisms, 

raises accuracy to 99.64% [44]. Its advantage is the ability to detect anomalies across multiple time scales; its 

drawbacks are dependence on labeled data and the risk of overfitting. 

Machine learning and deep learning have also been applied to the prediction of medium- and long-term 

avionics failures, orienting the technique toward scheduled maintenance by anticipating component 

degradation before failure occurs [45]. This requires extensive time-series datasets for training and carries the 

risk that the resulting models will be difficult to interpret. 

A final study proposes a localized testing scheme that uses real-time simulation over a wide-area network 

[46]. It suits both scheduled maintenance, for compatibility testing, and unscheduled maintenance, for 

identifying unexpected failures in simulated environments. Its main contribution is shorter diagnostic times 
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and the possibility of remote collaboration between maintenance actors; its limitations are communication 

interruptions and the absence of validation in real operating environments. 

4.3 Flight Control Computer Diagnostics and Testing 
The literature identifies avionics broadly as a critical system whose correct functioning is essential to aircraft 

safety and availability. Few publications, however, explicitly apply technologies such as artificial intelligence, big 

data, machine learning, virtual reality, or real-time simulation to the diagnosis and testing of the FCC 

specifically. 

This scarcity should be read as a finding constrained by the scope and terminology of the search strategy, not 

as definitive evidence of a gap in the wider scientific literature. Two explanations are plausible. First, the FCC is 

often studied as part of broader research on flight control system architectures or on avionics as a whole rather 

than as an independent unit, so relevant studies may be indexed under different terminology. Second, military 

and defense data on flight control computers are frequently subject to security classification, confidentiality 

restrictions, and access controls, limiting the availability of open-access peer-reviewed publications. 

Although many studies on technologies for the diagnosis of avionics systems were identified, most address 

predictive maintenance, condition monitoring, systems integration, or validation during the design phase of 

other avionics components. Very few concern the diagnosis and functional validation of the FCC after repair, 

particularly within unscheduled maintenance. Research effort is also reported to be biased toward aircraft 

systems whose data are more readily accessible, which leaves critical systems such as avionics comparatively 

understudied [47]. Taken together, these observations support, without confirming, the existence of a narrow 

research gap around post-repair FCC testing. 

Contemporary studies do report the use of HIL technology and MBSE methodology for parameterizing 

FCCs and integrating them into flight control systems, analyzing the interaction between the FCC and other 

aircraft systems in order to establish design requirements. These approaches use sensors to monitor system 

performance continuously, predict potential failures, and detect unusual patterns in key parameters such as 

temperature, pressure, and vibration in real time [48, 49]. Such tools improve predictive maintenance and 

substantially reduce the risk of catastrophic failure, contributing to both operational safety and maintenance 

efficiency [12]. No study was found, however, that used these technologies to identify faults in the FCC during 

maintenance, or to test the component after repair. 

On the contrary, the review found that test equipment currently used to diagnose avionics components, 

including those associated with the FCC, relies on manual data collection and protocols set out in maintenance 

manuals [50], which underlines the need to move toward intelligent, automated solutions. That need is 

sharpened by the FCC’s architecture: compared with other avionics components, it concentrates a large 

number of discrete inputs from aircraft subsystems, receives information from multiple sensors, and interacts 

directly with critical aircraft systems [51]. These characteristics constrain maintenance, particularly where 

unscheduled work is approached through conventional means [52]. 
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Real-time simulation, hardware-in-the-loop environments, and test automation address precisely this 

combination of complexity and constraint. They allow operating conditions to be emulated off the aircraft and 

support the functional validation of multiple panel inputs and outputs without any modification to the system. 

Automating the diagnostic test sequence reduces reliance on manual procedures, improves measurement 

repeatability, and shortens maintenance times [53]. The effect is proportionally greater for the FCC than for 

other avionics components because these technologies can surface the intermittent faults and integration 

problems that conventional testing tends to miss [54]. The review therefore points to a clear need to develop 

and validate technologies designed specifically for this component, given its operational importance in military 

aircraft maintenance. 

4.4 Efficiency in Aeronautical Maintenance 
As Figure 3 shows, operational efficiency is the leading category of value creation associated with emerging 

technologies in aeronautical maintenance, expressed as lower costs, faster response times, higher aircraft 

availability, and better use of resources [55]. 

Fig. 3. Distribution of value creation from technological advances  

in the aviation industry, 1999–2018 [55]. 

The literature approaches efficiency through four overlapping mechanisms: optimizing scheduled work, 

integrating real-time operational data, managing unscheduled events, and embedding sustainability. 

On the scheduled side, several authors propose decision-making techniques based on project management 

and simulation modeling to improve processes within aviation maintenance organizations, with resource 

planning and task scheduling as the primary levers [12, 56, 57]. Digital twins and cyber-physical systems 
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extend this by reducing downtime and improving planning through the integration of operational data with 

simulation models [58]. 

Agile methodologies address the less tractable problem of unscheduled maintenance. Their short, 

collaborative work cycles are suited to the inherent complexity and unpredictability of that work, and they 

translate in practice into less downtime, better logistical efficiency, and faster response to operational priorities 

[59]. Within the same context, techniques based on virtual knowledge graphs have been proposed to enable 

real-time fault prediction, improving the response to unexpected failures before they cascade [60]. 

Across both maintenance types, augmented reality and machine learning improve time efficiency and 

aircraft availability, though the studies concerned stress that organizational standardization protocols must be 

in place and sustainability considerations integrated if the full benefit is to be realized [28, 61]. 

Several researchers draw these threads together and argue that automating unscheduled maintenance is the 

single most significant factor in making aircraft operations more efficient: it raises safety standards, preserves 

service quality, reduces costs, and improves the operator’s experience [19, 20, 62]. The evidence reviewed here 

supports that conclusion and frames the rationale for the technology comparisons that follow in the 

discussion. 

Table 3 consolidates the findings of the literature review, setting out each technology and methodology 

identified together with its contributions and its limitations in aeronautical maintenance.



Table 3. Advantages and limitations of the technologies and methodologies identified for aeronautical maintenance. 

 

Category Number 

of papers

Technology/ 

methodology

Type of 

maintenance

Advantages Limitations References

Diagnostics and 

testing of 

aeronautical 

components

21 Augmented and 

virtual reality

Scheduled Accuracy in periodic inspections, 

reduced human error, and support for 

remote training

High implementation costs and  

a steep learning curve

[19,28–41, 

63–68]

Model-Based 

Testing and 

simulation

Scheduled Early failure validation; reduced 

diagnosis and testing times

Complex modeling and dependence on 

simulated environments

Machine learning Unscheduled Early fault identification and high 

accuracy

Requires infrastructure for large data 

volumes; risk of bias

IoT and digital 

twins

Scheduled Remote diagnostics and integration 

of maintenance data

Risk of cyberattack; requires robust 

infrastructure

Diagnostics and 

testing of avionics 

components

09 Digital Twins Unscheduled Real-time monitoring, improved 

traceability, and fault detection

Dependence on reliable data; 

cybersecurity risks

[41–46, 

53,69,70]

Artificial 

Intelligence

Unscheduled Accurate, predictive diagnosis of 

complex faults

Requires robust computing 

infrastructure

Augmented 

Reality

Scheduled Reduced human error in confined-

space inspections

Requires specialized training and 

robust computational infrastructure

Hardware-in-the-

Loop

Scheduled/ 

Unscheduled

Virtual validation with reduced 

testing time and cost

Technical complexity in system 

modeling and calibration

FCC diagnosis 

and testing

02 Model-based 

systems and HIL

Scheduled In-flight system monitoring in 

accordance with design requirements

Requires changes or modifications to 

the aircraft

[48,49]

Manual test set Scheduled/ 

Unscheduled

Measurement of multiple signals Manual processes and limited 

automation

EMERGING TECHNOLOGIES FOR THE DIAGNOSIS AND TESTING OF AVIONICS COMPONENTS IN DEFENSE AVIATION MAINTENANCE: A SYSTEMATIC REVIEW (2020–2025)

82



83

Sáenz-Hernández et al.

 Category Number 

of papers

Technology/ 

methodology

Type of 

maintenance

Advantages Limitations References

Efficiency in 

aeronautical 

maintenance

15 Mathematical 

optimization 

models

Scheduled Reduced delays and costs; optimized 

task planning

Limited applicability to other types of 

maintenance

[12,19,20,28, 

55–62,71–73]

Resource 

management and 

planning

Scheduled Efficient resource allocation and 

reduced downtime

Constrained by organizational culture 

and contextual factors

Digital twins / IoT Scheduled / 

Unscheduled

Fault prediction and real-time data 

integration

Requires data infrastructure, large-

volume data management, and 

cybersecurity measures

AI & Industry 4.0 Scheduled / 

Unscheduled

Classification of technology 

maturity; reduced time and cost

Lack of standardization

Integration of 

sustainable 

processes

Scheduled Integration of efficiency and 

sustainability

Requires structural changes shaped by 

organizational culture
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5.  DISCUSSION 

The results are discussed here through the three dimensions of the Technology–Organization–

Environment (TOE) framework, which allows technological factors, organizational capabilities, and 

contextual constraints to be considered together rather than in isolation. 

On the technological dimension, the technologies listed in Table 3 improve efficiency by integrating 

operational data with traceability, automating fault detection, and emulating system behavior with sufficient 

fidelity to reduce diagnostic uncertainty. Their limitations in defense settings share a common structure: 

dependence on labeled historical data, demands for complex processing, and the need for large-volume data 

storage with associated cybersecurity exposure. Each of these limits scalability in environments where data are 

sparse, classified, or simply not yet collected. 

On the organizational dimension, efficiency gains materialize only where the necessary internal capabilities 

exist: skilled personnel, structured training, data governance, process standardization, and sustained investment 

in infrastructure. Where those capabilities are absent or underdeveloped, the learning curve and the complexity 

of integration act as a ceiling on the benefits that technology can deliver. 

On the environmental dimension, the constraints specific to the defense sector – regulatory compliance, 

information security requirements, operational availability demands, logistics chains, and geographic 

conditions – slow the uptake of technology and tend to push adoption toward incremental rather than 

transformative solutions. 

Table 4 brings these three dimensions together, summarizing how each identified technology performs 

across the TOE framework and what the interactions between dimensions mean for avionics maintenance 

efficiency in defense contexts. 

5.1 Efficiency Through Technology 
The reviewed literature reports a positive effect on both downtime and maintenance operating costs from 

emerging technologies such as artificial intelligence, digital twins, and augmented reality [35, 37]. HIL testing 

has become a particularly important means of evaluating components in a controlled environment before  

they are integrated into the aircraft, because it simulates the interaction between a component and its 

operational environment [74], improving diagnostic accuracy and reducing the risks associated with 

unscheduled maintenance [75]. 

Digitization and automation – the core elements of Aeronautical Maintenance 4.0 – can be combined to 

improve the repair and diagnosis of aircraft components. The capacity of automated systems to predict failures 

through machine learning algorithms and real-time condition monitoring [76] is especially relevant for 

components with high failure rates, such as the FCC. 

Figure 4 synthesizes the relationship between the identified technologies and maintenance efficiency 

outcomes. Simulation-based approaches, namely HIL and digital twins, have the most direct effect on 

diagnostic time and cost. Artificial intelligence and machine learning deliver greater diagnostic accuracy but 
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depend on data availability. AR/VR contributes indirectly through training and inspection support. Across all 

four, the impact of a technology depends less on its technical maturity than on how well it can be adapted to 

defense operational constraints. 

Fig. 4. Conceptual synthesis linking technologies to efficiency outcomes  

in avionics maintenance. 

These technologies do not offer equal potential for improving maintenance efficiency, because their 

advantages depend on the operational environment and on the organizational capabilities available. HIL and 

real-time simulation appear to be the most mature for diagnostic and functional testing applications in 

defense settings, because they reproduce real operating conditions without requiring large volumes of 

historical data. 

Artificial intelligence and machine learning show greater accuracy in identifying complex faults and in 

modeling component life cycle and wear, but their performance is contingent on representative databases, 

robust computational infrastructure, and an appropriate data governance framework. Digital twins and the 

Internet of Things enable the integration of real-time operational information with maintenance traceability, 

but require substantial investment in digital infrastructure and raise cybersecurity challenges. Augmented and 

virtual reality are most effective in inspection, training, and technical support, contributing to maintenance 

efficiency indirectly by reducing human error. 

Taken together, the evidence suggests that simulation technologies are the more immediately feasible 

option for military organizations, where security restrictions, limited data availability, and budgetary 

constraints impede the adoption of solutions that depend heavily on artificial intelligence or advanced digital 

infrastructure. 
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5.2 Operational and Organizational Limitations 
Despite these advances, integrating advanced technologies into military maintenance remains difficult, 

particularly in developing countries such as Colombia. Limited financial resources [17], combined with  

a shortage of local skills for repairing avionics components, restrict the adoption of state-of-the-art tools. 

Political decisions that prioritize fiscal austerity compound this by reducing allocations to the defense sector 

[18]. 

Successful technology adoption in military organizations therefore depends on adequate and sustained 

funding across research, development, prototyping, infrastructure, training, and equipment acquisition [77]. 

Technologies such as big data analysis and intelligent systems add a further requirement: solid digital 

infrastructure and qualified personnel to operate it, neither of which is yet fully in place in Colombian military 

institutions. Dependence on external suppliers for unscheduled repairs adds complexity, increasing costs and 

extending downtime in ways that internal capability development could reduce. 

5.3 Projections for Technology Adoption 
Successful adoption of emerging technologies requires a strategic approach matched to the needs of users 

and of the workforce [78]. For military organizations engaged in the aeronautical maintenance of avionics 

components, two priorities stand out: developing local capability to implement advanced diagnostic systems, 

and training the technical personnel who will use them. 

The aircraft maintenance industry is not yet ready for full digitization, but its personnel are willing to 

upgrade their skills, and investment in reliable software, hardware, and training is necessary if maintenance 

process efficiency is to improve [34]. Defense organizations must therefore begin by identifying their specific 

needs and their current workforce capabilities, so that technology adoption is aligned with mission objectives 

[79], strengthens military capability [80], and generates a durable competitive advantage within the sector 

[81]. The review indicates that HIL real-time simulation is, at present, the technology most consistently 

applied to avionics components.  

Three practical recommendations follow for defense organizations and aircraft operators working in 

comparable environments. 

First, to improve maintainability indicators and reduce dependence on external suppliers, diagnostic and 

testing systems based on real-time simulation should be introduced progressively for components with high 

failure rates, such as the FCC [53]. 

Second, organizational competence should be strengthened through on-the-job training, specialized 

instruction, and interdisciplinary teams that bring maintenance and engineering personnel together, enabling 

predictive technologies to be interpreted and applied effectively [82]. 

Third, adoption roadmaps should be developed in line with current aeronautical regulatory standards [83] 

and should incorporate cost-benefit and sustainability criteria to ensure that the chosen solutions remain 

organizationally viable over time. 
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5.4 Limitations of the Review 
Several limitations should be borne in mind when interpreting these results. First, the literature search was 

restricted to Scopus and Google Scholar, chosen for their broad coverage of peer-reviewed and gray literature 

in engineering and technology; relevant studies indexed only in other databases may not have been retrieved. 

Second, as in any systematic review, the evidence is subject to publication bias: studies reporting positive 

results from technology implementation are more likely to be published than those reporting inconclusive or 

negative findings, which may inflate the apparent effectiveness of the technologies analyzed. 

Third, only English-language publications were included, which may have excluded relevant work in other 

languages and in particular studies addressing defense contexts in Latin America. 

Finally, the strategic nature of defense-sector aircraft limits the availability of avionics system data, much of 

which is classified, restricting the depth of empirical evidence and technical detail in the published literature. 

The findings of this review should therefore be read as a synthesis of currently available published knowledge, 

not as an exhaustive account of technological capabilities in military aircraft maintenance. 

6.  CONCLUSIONS 

This systematic literature review set out to identify and assess the technological trends applicable to the 

aeronautical maintenance of avionics components, with particular attention to the defense sector. The evidence 

analyzed indicates that emerging technologies have real potential to transform the diagnosis and repair of 

avionics components, but that their effective implementation depends on the technological, organizational, 

and operational conditions of each context. 

The studies reviewed demonstrate the efficiency gains that digitization and automation can deliver from a 

maintenance management perspective. These gains matter across the aviation industry, because maintenance 

determines system availability, influences service life, affects customer satisfaction, and shapes the return on 

investment. The sector continues to search for scalable models that improve efficiency [84]. 

In the Colombian military context specifically, financial constraints and dependence on external suppliers 

remain the binding limitations. Both reduce aircraft availability and undermine long-term sustainability, and 

neither can be resolved by technology alone without the organizational investment described in Section 5.3. 

The review also found only limited application of emerging technologies to the diagnosis and functional 

validation of the FCC during unscheduled maintenance, particularly for military utility aircraft. As discussed 

in Section 4.3, this gap represents a concrete opportunity to develop and evaluate technological solutions that 

could meaningfully improve the efficiency of that process. 

Although grounded in a specific military context, the findings apply more broadly, to other defense 

organizations and to civil operators alike, because the problems they address – high avionics failure rates, 

manual diagnostic processes, dependence on external repair – are not unique to Colombia. 

In sum, the evidence supports the adoption of emerging technologies as a promising route to improving 

efficiency and sustainability in avionics component maintenance. The most immediate opportunity lies in 
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simulation-based approaches, particularly HIL testing, which can be deployed without the large historical 

datasets that artificial intelligence requires and within the security and budgetary constraints that defense 

organizations face. This review lays the conceptual groundwork for the future research and practical 

applications needed to realize that opportunity. 

REFERENCES 

Federal Aviation Administration. Advisory circular AC No. 91–91: Maintaining public aircraft. Washington [1]

(DC): Federal Aviation Administration; 2016. 

Yasuda YDV, Cappabianco FAM, Martins LEG, Gripp JAB. Aircraft visual inspection: a systematic literature [2]

review. Comput Ind. 2022;141:103695. https://doi.org/10.1016/j.compind.2022.103695 

División de Aviación Asalto Aéreo. Manual general de mantenimiento de la aviación del Ejército. 1st ed. Ejército [3]

Nacional de Colombia; 2016. 

Kinnison HA, Siddiqui T. Aviation maintenance management. 2nd ed. New York: McGraw–Hill Education; [4]

2013. 

Eddarhri M, Adib J, Hain M, Marzak A. Towards predictive maintenance: the case of the aeronautical industry. [5]

Procedia Comput Sci. 2022;203:769–74. https://doi.org/10.1016/j.procs.2022.07.115 

DAVAA. Datos estadísticos de reparaciones del Caution Warning Panel obtenidos del sistema ERP SAP en el [6]

período 2019–2023. División de Aviación Asalto Aéreo del Ejército Nacional de Colombia; 2023. Unpublished 

internal report. 

DAVAA. Datos estadísticos obtenidos del Departamento de Planeación de la DAVAA. División de Aviación [7]

Asalto Aéreo del Ejército Nacional de Colombia; 2023. Unpublished internal report. 

Lubbe B, Potgieter T. The role of technology in airline management and operations. In: The Routledge [8]

companion to air transport management. 1st ed. Routledge; 2018. p. 331–43. 

https://doi.org/10.4324/9781315630540-21 

Mofokeng T, Mativenga PT, Marnewick A. Analysis of aircraft maintenance processes and cost. Procedia CIRP. [9]

2020;90:467–72. https://doi.org/10.1016/j.procir.2020.01.115 

International Air Transport Association. Airline maintenance cost executive commentary: FY2023 data. [10]

International Air Transport Association; 2023. 

Van der Weide T, Deng Q, Santos BF. Robust long-term aircraft heavy maintenance check scheduling [11]

optimization under uncertainty. Comput Oper Res. 2022;141:105667. 

https://doi.org/10.1016/j.cor.2021.105667 

Meissner R, Rahn A, Wicke K. Developing prescriptive maintenance strategies in the aviation industry based [12]

on a discrete-event simulation framework for post-prognostics decision making. Reliab Eng Syst Saf. 

2021;214:107812. https://doi.org/10.1016/j.ress.2021.107812 

Meissner R, Rahn A, Oestreicher A, Wicke K, Wende G. Hydrogen-based aircraft auxiliary power generation: [13]

economic and ecological comparative assessment of preventive maintenance implications. IFAC-PapersOnLine. 

2024;58(8):353–8. https://doi.org/10.1016/j.ifacol.2024.08.146 

Albakkoush S, Pagone E, Salonitis K. Scheduling challenges within maintenance, repair and overhaul operations [14]

in the civil aviation sector. SSRN Electron J. 2020. https://doi.org/10.2139/ssrn.3718006

https://doi.org/10.1016/j.compind.2022.103695
https://doi.org/10.1016/j.procs.2022.07.115
https://doi.org/10.4324/9781315630540-21
https://doi.org/10.1016/j.procir.2020.01.115
https://doi.org/10.1016/j.cor.2021.105667
https://doi.org/10.1016/j.ress.2021.107812
https://doi.org/10.1016/j.ifacol.2024.08.146
https://doi.org/10.2139/ssrn.3718006


Sáenz-Hernández et al.

89

Zhao C, Zhang W, Dong F, Dai J, Dong L. Research on resource allocation method of integrated avionics [15]

system considering fault propagation risk. Int J Aerosp Eng. 2022;2022:8652818. 

https://doi.org/10.1155/2022/8652818 

Raza A. Maintenance model of digital avionics. Aerospace. 2018;5(2):38. [16]

https://doi.org/10.3390/aerospace5020038 

Congreso de la República de Colombia. Ley 2155 de 2021, por medio de la cual se expide la Ley de Inversión [17]

Social y se dictan otras disposiciones. Bogotá: Departamento Administrativo de la Función Pública; 2021. 

Rodrigues Vieira D, Loures PL. Maintenance, repair and overhaul (MRO) fundamentals and strategies: an [18]

aeronautical industry overview. Int J Comput Appl. 2016;135(12):21–9. 

Hook LR, Sizoo D, Fuller JG. How digital safety systems could revolutionize aviation safety. In: 2022 [19]

AIAA/IEEE 41st Digital Avionics Systems Conference (DASC). IEEE; 2022. 

https://doi.org/10.1109/dasc55683.2022.9925863 

Pereira BA, Lohmann G, Houghton L. Technology trajectory in aviation: innovations leading to value creation [20]

(2000–2019). Int J Innov Stud. 2022;6(3):128–41. https://doi.org/10.1016/j.ijis.2022.05.001 

Page MJ, McKenzie JE, Bossuyt PM, Boutron I, Hoffmann TC, Mulrow CD, et al. The PRISMA 2020 [21]

statement: an updated guideline for reporting systematic reviews. BMJ. 2021;372:n71. 

https://doi.org/10.1136/bmj.n71 

Sukhera J. Narrative reviews: flexible, rigorous, and practical. J Grad Med Educ. 2022;14(4):414–6. [22]

https://doi.org/10.4300/jgme-d-22-00480.1 

Turnbull D, Chugh R, Luck J. Systematic-narrative hybrid literature review: a strategy for integrating a concise [23]

methodology into a manuscript. Soc Sci Humanit Open. 2023;7(1):100381. 

https://doi.org/10.1016/j.ssaho.2022.100381 

Cruzes DS, Dybå T, Runeson P, Höst M. Case studies synthesis: a thematic, cross-case, and narrative synthesis [24]

worked example. Empir Softw Eng. 2015;20(6):1634–65. https://doi.org/10.1007/s10664-014-9326-8 

Naeem M, Ozuem W, Howell K, Ranfagni S. A step-by-step process of thematic analysis to develop  [25]

a conceptual model in qualitative research. Int J Qual Methods. 2023;22:16094069231205789. 

https://doi.org/10.1177/16094069231205789 

Solano MC, Cruz JC. Integrating analytics in enterprise systems: a systematic literature review of impacts and [26]

innovations. Adm Sci. 2024;14(7):138. https://doi.org/10.3390/admsci14070138 

Wang Y, Ran B, Ma L. Decoding paradoxes in digital government: strategies for the pursuit of public value. [27]

Public Adm. 2025;1–14. https://doi.org/10.1111/padm.70008 

Mohammed T, Saoudi T, Younes M. Leveraging AI and Industry 4.0 in aircraft maintenance: addressing [28]

challenges and improving efficiency. In: 2024 International Conference on Global Aeronautical Engineering 

and Satellite Technology (GAST); Marrakesh, Morocco. IEEE; 2024. 

https://doi.org/10.1109/gast60528.2024.10520779 

Kranich F, Meissner R, Wicke K, Wende G. Evaluating emerging aircraft technologies towards their impact [29]

on scheduled maintenance. In: 2024 IEEE Aerospace Conference. IEEE; 2024. 

https://doi.org/10.1109/aero58975.2024.10521239 

Li S, Zheng P, Zheng L. An AR-assisted deep learning-based approach for automatic inspection of aviation [30]

connectors. IEEE Trans Ind Inform. 2021;17(3):1721–31. https://doi.org/10.1109/tii.2020.3000870

https://doi.org/10.1155/2022/8652818
https://doi.org/10.3390/aerospace5020038
https://doi.org/10.1109/dasc55683.2022.9925863
https://doi.org/10.1016/j.ijis.2022.05.001
https://doi.org/10.1136/bmj.n71
https://doi.org/10.4300/jgme-d-22-00480
https://doi.org/10.1016/j.ssaho.2022.100381
https://doi.org/10.1007/s10664-014-9326-8
https://doi.org/10.1177/16094069231205789
https://doi.org/10.3390/admsci14070138
https://doi.org/10.1111/padm.70008
https://doi.org/10.1109/gast60528.2024.10520779
https://doi.org/10.1109/aero58975.2024.10521239
https://doi.org/10.1109/tii.2020.3000870


MAINTENANCE EFFICIENCY; AVIONICS; FLIGHT CONTROL COMPUTER; EMERGING TECHNOLOGIES; DEFENSE SECTOR; SYSTEMATIC LITERATURE REVIEW

90

Frisini D, Taumaturgo V, Giulianini G, Lucini Paioni C, Morlacchi G, Poltronieri F. Technology concept of an [31]

automated system for integration testing. CEAS Aeronaut J. 2024;15(3):565–81. 

https://doi.org/10.1007/s13272-023-00709-3 

Ma HL, Sun Y, Chung SH, Chan HK. Tackling uncertainties in aircraft maintenance routing: a review of [32]

emerging technologies. Transp Res E Logist Transp Rev. 2022;164:102805. 

https://doi.org/10.1016/j.tre.2022.102805 

Plastropoulos A, Fan IS, Avdelidis NP, Angus JP, Maggiore J, Atkinson H. The ‘hangar of the future’ for [33]

sustainable aviation. Aeronaut J. 2024;128(1329):2429–50. https://doi.org/10.1017/aer.2024.79 

Alomar I, Jackiva IY. Digitalization in aircraft maintenance processes. Aviation. 2023;27(2):86–94. [34]

https://doi.org/10.3846/aviation.2023.18923 

Carou D. Aerospace transformation through Industry 4.0 technologies. In: SpringerBriefs in applied sciences [35]

and technology. Springer; 2021. p. 17–46. https://doi.org/10.1007/978-3-030-67849-4_3 

Pinciroli L, Baraldi P, Zio E. Maintenance optimization in Industry 4.0. Reliab Eng Syst Saf. 2023;234:109204. [36]

https://doi.org/10.1016/j.ress.2023.109204 

İnan TT. Aircraft damage classification by using machine learning methods. Int J Aviat Aeronaut Aerosp. [37]

2023;10(2):1810. https://doi.org/10.58940/2374-6793.1810 

Karasubasi M, Koktas Y, Sagirkaya H. Model based testing of aircraft interfaces. In: 2022 IEEE [38]

AUTOTESTCON. IEEE; 2022. https://doi.org/10.1109/autotestcon47462.2022.9984712 

Dyachenko SA, Ilyashenko DM, Neretin ES. Overview of automation tools for avionics verification. J Phys [39]

Conf Ser. 2021;1958(1):012012. https://doi.org/10.1088/1742-6596/1958/1/012012 

Hook LR, Ryan W, Skoog MA, Fuller J. Exploring the potential of automatic safety systems in general aviation. [40]

In: 2023 IEEE Aerospace Conference. IEEE; 2023. https://doi.org/10.1109/aero55745.2023.10115864 

Dautermann T, Ludwig T, Meyer O, Ehmke L. Hardware in the loop simulation of helicopter PinS procedures [41]

using GLS avionics and an SBAS to GLS converter. In: 2021 AIAA/IEEE 40th Digital Avionics Systems 

Conference (DASC). IEEE; 2021. https://doi.org/10.1109/dasc52595.2021.9594422 

Sartaj H, Iqbal MZ, Khan MU. Testing cockpit display systems of aircraft using a model-based approach. Softw [42]

Syst Model. 2021;20(6):1977–2002. https://doi.org/10.1007/s10270-020-00844-z 

Shang J. Research on intelligent fault diagnosis sensor data fusion algorithm in avionics maintenance. In: 2024 [43]

IEEE 7th International Conference on Automation, Electronics and Electrical Engineering (AUTEEE). IEEE; 

2024. p. 772–7. https://doi.org/10.1109/auteee62881.2024.10869648 

Du Q, Sheng M, Yu L, Zhou Z, Tian L, He S. Avionics module fault diagnosis algorithm based on hybrid [44]

attention adaptive multi-scale temporal convolution network. Entropy. 2024;26(7):550. 

https://doi.org/10.3390/e26070550 

Gao C, Li B, Dai Z. Medium and long-term fault prediction of avionics based on echo state network. Mob Inf [45]

Syst. 2022;2022:5343909. https://doi.org/10.1155/2022/5343909 

Chrysalidis P, Halle M, Thielecke F. Testing of high-lift system functions with a distributed avionics test bench. [46]

In: 2022 AIAA/IEEE 41st Digital Avionics Systems Conference (DASC). IEEE; 2022. 

https://doi.org/10.1109/dasc55683.2022.9925795 

Stanton I, Munir K, Ikram A, El-Bakry M. Predictive maintenance analytics and implementation for aircraft: [47]

challenges and opportunities. Syst Eng. 2023;26(2):216–37. https://doi.org/10.1002/sys.21651

https://doi.org/10.1007/s13272-023-00709-3
https://doi.org/10.1016/j.tre.2022.102805
https://doi.org/10.1017/aer.2024.79
https://doi.org/10.3846/aviation.2023.18923
https://doi.org/10.1007/978-3-030-67849-4_3
https://doi.org/10.1016/j.ress.2023.109204
https://doi.org/10.58940/2374-6793.1810
https://doi.org/10.1109/autotestcon47462.2022.9984712
https://doi.org/10.1088/1742-6596/1958/1/012012
https://doi.org/10.1109/aero55745.2023.10115864
https://doi.org/10.1109/dasc52595.2021.9594422
https://doi.org/10.1007/s10270-020-00844-z
https://doi.org/10.1109/auteee62881.2024.10869648
https://doi.org/10.3390/e26070550
https://doi.org/10.1155/2022/5343909
https://doi.org/10.1109/dasc55683.2022.9925795
https://doi.org/10.1002/sys.21651


Sáenz-Hernández et al.

91

Liscouet-Hanke S, Jahanara H, Bauduin JL. A model-based systems engineering approach for the efficient [48]

specification of test rig architectures for flight control computers. IEEE Syst J. 2020;14(4):5441–50. 

https://doi.org/10.1109/jsyst.2020.2970545 

Karkar B, Gokmenoglu F. Verification of triple redundant flight control computer system integration with [49]

hardware-in-the-loop simulation. In: 2024 IEEE AUTOTESTCON. IEEE; 2024. 

https://doi.org/10.1109/autotestcon47465.2024.10697526 

Ferrell TA. Utilizing real test sets on maintenance training devices. In: MODSIM World 2014 Conference [50]

Proceedings. Pinnacle Solutions; 2014. 

Lu C, Xie J, Liu Z. The design of a computing platform architecture for collaborative task processing in avionics [51]

system. In: Lecture notes in mechanical engineering. Springer; 2025. p. 363–71. https://doi.org/10.1007/978-

981-97-9774-5_28 

Chen Y, Luo Y, Wang M, Zhong K, Xiao G, Wang G. DFCluster: an efficient algorithm to mine maximal [52]

differential biclusters for single pilot operations task synthesis safety analysis. Chin J Aeronaut. 2022;35(5):400–

18. https://doi.org/10.1016/j.cja.2021.12.006 

Sáenz-Hernández C, Cuadros R, Rodríguez J, et al. Development of a test bench for fault diagnosis in the [53]

caution and warning panels of the UH-60 helicopter. Eng. 2025;6(5):101. https://doi.org/10.3390/eng6050101 

Fariha A, Alwidian S, Azim A. A systematic literature review on requirements engineering and maintenance [54]

for embedded software. IEEE Access. 2024;12:114263–79. https://doi.org/10.1109/access.2024.3443271 

Pereira BA, Lohmann G, Houghton L. Innovation and value creation in the context of aviation: a systematic [55]

literature review. J Air Transp Manag. 2021;94:102076. https://doi.org/10.1016/j.jairtraman.2021.102076 

Al Rawahi SH, Jamaluddin Z, Bhuiyan AB. The conceptual framework for the resources management attributes [56]

and aircraft maintenance efficiency in the aviation industries in Oman. Int J Account Finance Rev. 2020;5(3):31–

40. https://doi.org/10.46281/ijafr.v5i3.808 

Li C, Zhang Y, Su X, Wang X. An improved optimization algorithm for aeronautical maintenance and repair [57]

task scheduling problem. Mathematics. 2022;10(20):3777. https://doi.org/10.3390/math10203777 

Xiong M, Wang H. Digital twin applications in aviation industry: a review. Int J Adv Manuf Technol. [58]

2022;121(9–10):5677–92. https://doi.org/10.1007/s00170-022-09717-9 

Korchagin A, Deniskin Y, Pocebneva I, Vasilyeva O. Lean Maintenance 4.0: implementation for aviation [59]

industry. Transp Res Procedia. 2022;63:1521–33. https://doi.org/10.1016/j.trpro.2022.06.164 

Yan W, Shi Y, Ji Z, et al. Intelligent predictive maintenance of hydraulic systems based on virtual knowledge [60]

graph. Eng Appl Artif Intell. 2023;126:106798. https://doi.org/10.1016/j.engappai.2023.106798 

Pop GI, Titu AM, Pop AB. Enhancing aerospace industry efficiency and sustainability: process integration and [61]

quality management in the context of Industry 4.0. Sustainability. 2023;15(23):16206. 

https://doi.org/10.3390/su152316206 

Raza A, Ulansky V. Through-life maintenance cost of digital avionics. Appl Sci. 2021;11(2):715. [62]

https://doi.org/10.3390/app11020715 

Karunakaran CK, David JH, George Kishore S, Mohamed Umar Ali M, Ashok Babu J, Khaja Sheriff J. [63]

Reliability augmentation through technological applications in the Indian aircraft maintenance training sector. 

Turk J Comput Math Educ. 2021;12(11):1964–70. https://doi.org/10.17762/turcomat.v12i11.6151 

Lee S, Kim D, Noh M, Jeong S, Kong J, Yoo Y. Propeller fault-detection method for electric-propulsion aircraft [64]

using motor signals and generative model-based semi-supervised learning. Eng Appl Artif Intell. 

2025;162:112301. https://doi.org/10.1016/j.engappai.2025.112301 

https://doi.org/10.1109/jsyst.2020.2970545
https://doi.org/10.1109/autotestcon47465.2024.10697526
https://doi.org/10.1007/978-981-97-9774-5_28
https://doi.org/10.1007/978-981-97-9774-5_28
https://doi.org/10.1016/j.cja.2021.12.006
https://doi.org/10.3390/eng6050101
https://doi.org/10.1109/access.2024.3443271
https://doi.org/10.1016/j.jairtraman.2021.102076
https://doi.org/10.46281/ijafr.v5i3.808
https://doi.org/10.3390/math10203777
https://doi.org/10.1007/s00170-022-09717-9
https://doi.org/10.1016/j.trpro.2022.06.164
https://doi.org/10.1016/j.engappai.2023.106798
https://doi.org/10.3390/su152316206
https://doi.org/10.3390/app11020715
https://doi.org/10.17762/turcomat.v12i11.6151
https://doi.org/10.1016/j.engappai.2025.112301


MAINTENANCE EFFICIENCY; AVIONICS; FLIGHT CONTROL COMPUTER; EMERGING TECHNOLOGIES; DEFENSE SECTOR; SYSTEMATIC LITERATURE REVIEW

92

Ruiz L, Torres M, Gómez A, Díaz S, González JM, Cavas F. Manufacturing processes transformation in the [65]

aeronautical sector in an Industry 4.0 context. Dyna (Spain). 2021;93(3):233–4. https://doi.org/10.6036/9938 

Sagirkaya H, Aydemir ND, Altinsoy R. Automation of avionics integration test. In: 2021 IEEE International [66]

Conference on Computational Intelligence and Virtual Environments for Measurement Systems and 

Applications (CIVEMSA). IEEE; 2021. https://doi.org/10.1109/civemsa52099.2021.9493577 

Shang J. Automatic detection system for aircraft engine turbine blade faults based on improved PSO. Front [67]

Mech Eng. 2025;11:1707105. https://doi.org/10.3389/fmech.2025.1707105 

Silvestri L, Forcina A, Introna V, Santolamazza A, Cesarotti V. Maintenance transformation through Industry [68]

4.0 technologies: a systematic literature review. Comput Ind. 2020;123:103335. 

https://doi.org/10.1016/j.compind.2020.103335 

Kovalenko YB, Kozlyuk IO. Method of developing automated information support for integrated modular [69]

avionics systems: monitoring, diagnostics and reliability improvement. Probl Informatiz Manag. 2024;4(80):40–

52. https://doi.org/10.18372/2073-4751.80.19768 

Sagirkaya H, Durgun G. Avionics simulation environment. In: 2020 IEEE International Test Conference (ITC). [70]

IEEE; 2020. https://doi.org/10.1109/itc44778.2020.9325215 

Alqaryuti A, Moawad K, Salah K, Mayyas A, Jayaraman R. Blockchain-driven framework for preventive [71]

maintenance management of aircraft hydraulic systems. Discov Internet Things. 2025;5(1):50. 

https://doi.org/10.1007/s43926-025-00149-x 

Kabashkin I. Ontology-driven digital twin framework for aviation maintenance and operations. Mathematics. [72]

2025;13(17):2817. https://doi.org/10.3390/math13172817 

Kabashkin I, Perekrestov V. Ecosystem of aviation maintenance: transition from aircraft health monitoring to [73]

health management based on IoT and AI synergy. Appl Sci. 2024;14(11):4394. 

https://doi.org/10.3390/app14114394 

Pugi L, Allotta B. Hardware-in-the-loop testing of on-board subsystems: some case studies and applications. [74]

In: Handbook of research on advancements in robotics and mechatronics. Vol. 2. IGI Global; 2013. p. 754–84. 

https://doi.org/10.4018/978-1-4666-4607-0.ch037 

Siddharth M, Rammohan A. A review on hardware in loop testing for various SAE levels of autonomous vehicle [75]

subsystems. Int J Veh Auton Syst. 2023;17(3):221–55. https://doi.org/10.1504/ijvas.2023.140520 

Shaheen BW, Németh I. Integration of maintenance management system functions with Industry 4.0 [76]

technologies and features: a review. Processes. 2022;10(11):2173. https://doi.org/10.3390/pr10112173 

Dada KSJ, Akila J, Suleiman UO, Akinbinu A. Adoption and deployment of 21st century technologies in armed [77]

forces operations. J Adv Mil Stud. 2022;5(1):95–107. https://doi.org/10.37944/jams.v5i1.135 

Demaci U. Exploring the impact of emerging technologies on business models, customer behavior, and [78]

workforce implications. J Manag Adm Provis. 2022;2(1):26–34. https://doi.org/10.55885/jmap.v2i1.185 

Kearns MB, Taylor JB, Hull CE. The six facets model: technology management in the effective implementation [79]

of change. Int J Innov Technol Manag. 2005;2(1):77–100. https://doi.org/10.1142/s0219877005000381 

Bermúdez J, Hormecheas KC, Villa EM, Castellanos ÓF, Jiménez CN, Jiménez B. Rol de la gestión de la [80]

tecnología e innovación en las instituciones militares en escenarios de posacuerdo: caso colombiano. Soc Rev 

Int Cienc Soc. 2019;8(1):1–10. https://doi.org/10.37467/gka-revsocial.v8.2044 

Farrell T. The dynamics of British military transformation. Int Aff. 2008;84(4):777–807. [81]

https://doi.org/10.1111/j.1468-2346.2008.00737.x 

https://doi.org/10.6036/9938
https://doi.org/10.1109/civemsa52099.2021.9493577
https://doi.org/10.3389/fmech.2025.1707105
https://doi.org/10.1016/j.compind.2020.103335
https://doi.org/10.18372/2073-4751.80.19768
https://doi.org/10.1109/itc44778.2020.9325215
https://doi.org/10.1007/s43926-025-00149-x
https://doi.org/10.3390/math13172817
https://doi.org/10.3390/app14114394
https://doi.org/10.4018/978-1-4666-4607-0.ch037
https://doi.org/10.1504/ijvas.2023.140520
https://doi.org/10.3390/pr10112173
https://doi.org/10.37944/jams.v5i1.135
https://doi.org/10.55885/jmap.v2i1.185
https://doi.org/10.1142/s0219877005000381
https://doi.org/10.37467/gka-revsocial.v8.2044
https://doi.org/10.1111/j.1468-2346.2008.00737


Sáenz-Hernández et al.

93

Navarro-Meneses FJ, Pablo-Marti F. Reimagining human agency in AI-driven futures: a co-evolutionary [82]

scenario framework from aviation. Eur J Futures Res. 2025;13(1):16. https://doi.org/10.1186/s40309-025-

00260-w 

Meissner R, Pohya AA, Weiss O, Piotrowski D, Wende G. Regulatory pathways to certifiable condition based [83]

maintenance solutions in aviation: a comprehensive review. Prog Aerosp Sci. 2025;158:101143. 

https://doi.org/10.1016/j.paerosci.2025.101143 

Gallego-García S, Gejo-García J, García-García M. Development of a maintenance and spare parts distribution [84]

model for increasing aircraft efficiency. Appl Sci. 2021;11(3):1333. https://doi.org/10.3390/app11031333

https://doi.org/10.1186/s40309-025-00260-w
https://doi.org/10.1186/s40309-025-00260-w
https://doi.org/10.1016/j.paerosci.2025.101143
https://doi.org/10.3390/app11031333

	Zakładki struktury
	TRANSACTIONS ON AEROSPACE RESEARCH 
	TRANSACTIONS ON AEROSPACE RESEARCH 
	TRANSACTIONS ON AEROSPACE RESEARCH 
	TRANSACTIONS ON AEROSPACE RESEARCH 
	eISSN 2545-2835, VOL. 284, NO. 3/2026, 69-93 
	DOI: 10.2478/tar-2026-0015
	DOI: 10.2478/tar-2026-0015


	Figure
	* Corresponding Author. Email address: c.saenz@uniandes.edu.co 
	* Corresponding Author. Email address: c.saenz@uniandes.edu.co 
	Received  23.05.2026  •  Revised  16.07.2026  •  Accepted  11.08.2026 
	© 2026 Author(s). Article category: review article

	Link
	Link
	Link
	Link
	Link
	Link
	Link
	Figure
	Figure
	1.   INTRODUCTION 
	1.   INTRODUCTION 
	Maintenance is essential to aircraft availability and airworthiness, and it is conventionally divided into two types: scheduled and unscheduled [1]. Scheduled maintenance takes place during inspections of aircraft systems and components, triggered by the time elapsed since the previous inspection [2]. Unscheduled maintenance, by contrast, arises from unforeseen events during operation. Military aviation is particularly exposed to the latter: aircraft fly a wide range of missions, often from harsh and unimpr
	Avionics are among the most demanding components to maintain in this way. They are classified as critical items because their failures are difficult to predict, and maintenance manuals treat them as condition-monitoring items [4]. The system comprises extensive wiring harnesses that connect subsystems and components throughout the airframe [5], and its correct operation is fundamental to helicopter flight. Within the avionics suite, the flight control computer (FCC) deserves particular attention. It process
	Despite growing interest in emerging technologies for aeronautical maintenance, existing research has concentrated on predictive and scheduled maintenance strategies and on systems that monitor aircraft during operation. Few studies critically assess the range of advanced technologies available for diagnosing and testing avionics components during unscheduled maintenance, when those components have been removed from the aircraft. 
	The gap is most evident for critical subsystems such as the FCC, and it widens in military settings, where operational, organizational, and data availability constraints differ from those of civil aviation. This review addresses that gap by linking emerging technologies to the technical procedures of unscheduled maintenance under the restrictive operating conditions of military defense organizations. 
	The Colombian Army illustrates what these constraints mean in practice. It is the country's largest operator of military helicopters, and the fleet gives the institution its mobility and maneuver capability, supporting the defense of national sovereignty, aeromedical evacuation, firefighting, and disaster response, as well as military operations. Colombian Army records report approximately 33 FCC failures per year [6], and roughly 35% of the aviation sustainment budget is absorbed by unscheduled maintenance
	Because this work is unforeseen and occurs frequently, it is not provided for in the organization’s annual operating budget, and diagnosing, repairing, and testing the affected components consumes human and material resources that must be found elsewhere. The result is a problem with four dimensions: limited local repair capacity, high repair costs, long waiting times, and reduced aircraft availability. 
	Two questions follow: (i) which technologies are currently applied in aircraft maintenance, including the diagnosis and testing of avionics components and the flight control computer? and (ii) to what extent do these technologies improve the efficiency of aircraft maintenance, particularly within military organizations? Answering them is necessary to guide the development and implementation of technologies capable of improving aviation maintenance efficiency in the defense sector, and to direct future resea
	This article pursues three objectives: (i) to review the existing literature on the use of technology in the aeronautical maintenance of avionics components; (ii) to examine the potential benefits of these technologies for military maintenance organizations; and (iii) to derive evidence-based recommendations for technology adoption in the Colombian Army that reflect the specific needs of the institution. The Colombian Army therefore serves as a motivating case rather than as the object of study. The literat
	The main contribution of this article to the scientific literature is the analysis and consolidation of technological trends in the aeronautical maintenance of avionics components, with the FCC treated as  a representative case within a defense institution. The outcomes fall into three groups: (i) an updated synthesis of the state of the art in emerging technologies for aeronautical maintenance; (ii) the identification of knowledge gaps in the application of these technologies within the defense sector; and
	2.  BACKGROUND 
	Maintenance is one of the largest single costs in aviation operations [8]. That cost is shaped above all by whether the work is planned, which is why maintenance activities are divided into scheduled and unscheduled. 
	Scheduled maintenance is planned on the basis of flight hours, flight cycles, and calendar intervals, and is carried out according to a schedule that specifies both the procedures to be followed and the method for recording inspection and test results. Unscheduled maintenance is triggered instead by technical failures, reported defects, and faults found during inspection; it may originate in a scheduled task, in a pilot report, or in an unforeseen event such as a hard landing, overweight operation, or groun
	Total maintenance expenditure typically accounts for between 10% and 25% of an operator’s direct operating costs [10–13]. Unscheduled work adds to that burden in a distinctive way, because an unexpected component failure keeps the aircraft on the ground for longer, which lengthens turnaround times and raises costs [14]. 
	Avionics form a safety-critical system: once a failure occurs, it can compromise the safe operation of the aircraft [15]. They are also expensive to maintain on modern aircraft, where these systems alone can account for up to 30% of total maintenance cost and therefore for a substantial share of operator expenditure [16]. Reported failure rates for avionics systems vary widely, from 20% to 50% [16], but even at the lower bound their effect on the maintenance budget is significant. 
	When an avionics failure occurs, the repair is carried out by highly trained personnel following a meticulous process based on visual inspection and on the detailed procedures set out in the manufacturer’s technical manuals. The tools are conventional. Data are collected with standard laboratory instruments such as multimeters, signal generators, and oscilloscopes, so that fault diagnosis remains an entirely manual activity. Where repair is not possible in-house, the operator must turn to external suppliers
	These pressures are compounded where public finances are tight. In countries such as Colombia, high inflation coincides with an austerity policy in defense spending that reflects a broader commitment to fiscal discipline and to the efficient use of public resources [17]. Funding is not the only politically determined variable. Political decisions also govern when and how the armed forces employ their aircraft, and that employment in turn shapes the demand for maintenance and repair [18]. Military institutio
	Against these constraints, technological trends point toward more sophisticated, digitized, and automated approaches to aviation maintenance. The industry describes this shift as Aeronautical Maintenance 4.0,  a paradigm that promotes both safety and efficiency across the sector [19,20], and it frames the technologies examined in the remainder of this review. 
	3. MATERIAL AND METHODS 
	This study follows the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) guidelines [21]. The review proceeded in three phases. The first identified keywords and located associated and related terms using thesauri and earlier research. Once all relevant terms had been selected, search strings were constructed for the Scopus and Google Scholar databases (Table 1). The cut-off date for the search was 2 January 2026. 
	Table 1. Identiﬁcation of keywords. 
	 
	Bibliographic Database
	Bibliographic Database
	Bibliographic Database
	Bibliographic Database
	Bibliographic Database
	Bibliographic Database


	Keywords
	Keywords
	Keywords




	Scopus 
	Scopus 
	Scopus 
	Scopus 
	Scopus 


	ALL ( ( ( "technology" OR "technologies" OR "methodologies" ) AND ( "automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness" ) AND ( "fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment" ) AND ( "aviation industry" OR "aviation maintenance" ) ) AND PUBYEAR > 2020 AND PUBYEAR < 2026
	ALL ( ( ( "technology" OR "technologies" OR "methodologies" ) AND ( "automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness" ) AND ( "fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment" ) AND ( "aviation industry" OR "aviation maintenance" ) ) AND PUBYEAR > 2020 AND PUBYEAR < 2026
	ALL ( ( ( "technology" OR "technologies" OR "methodologies" ) AND ( "automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness" ) AND ( "fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment" ) AND ( "aviation industry" OR "aviation maintenance" ) ) AND PUBYEAR > 2020 AND PUBYEAR < 2026
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	Keywords
	Keywords
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	Google Scholar
	Google Scholar
	Google Scholar
	Google Scholar
	Google Scholar


	(("technology" OR "technologies" OR "methodologies") AND ("automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness") AND ("fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment") AND ("aviation industry" OR "aviation maintenance"))
	(("technology" OR "technologies" OR "methodologies") AND ("automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness") AND ("fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment") AND ("aviation industry" OR "aviation maintenance"))
	(("technology" OR "technologies" OR "methodologies") AND ("automation" OR "automated" OR "optimization" OR "digitalization" OR "efficiency" OR "effectiveness") AND ("fault diagnosis" OR "fault testing" OR "fault identiﬁcation" OR "validating" OR "test" OR "testing" OR "test bench" OR "test equipment" OR "test set" OR "ATE" OR "fault diagnosis equipment") AND ("aviation industry" OR "aviation maintenance"))






	The search string was deliberately broad. It combined general concepts of technology, automation, and fault diagnosis with aircraft maintenance in order to retrieve publications on technologies applied to the diagnosis and testing of avionics components, rather than restricting the query to “ﬂight control computer” and its synonyms. The intention was to map the full spectrum of emerging technologies in aircraft maintenance and to avoid narrowing the results prematurely to a single component. 
	This choice carries a methodological limitation: studies on the FCC published under alternative names were not searched for explicitly and may have been discarded during title and abstract screening where the terminology did not match “FCC” or “flight control computer” exactly. During full-text review, however, studies were identified that dealt specifically with the architecture, integration, validation, or testing of the flight control computer, which made it possible to assess the current state of the ev
	Articles published in journals indexed in the first, second, and third quartiles (Q1–Q3) were selected to ensure scientific relevance. Gray literature was also considered, given the restricted nature of military and defense data. The search returned 2,949 records; after duplicates were removed, 2,093 documents remained for screening. Table 2 sets out the inclusion and exclusion criteria applied. 
	Table 2. Selection criteria. 
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	Inclusion
	Inclusion
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	Language
	Language
	Language
	Language
	Language


	English
	English
	English


	Non-English
	Non-English
	Non-English



	Timeline
	Timeline
	Timeline
	Timeline


	2020–2025
	2020–2025
	2020–2025


	<2020
	<2020
	<2020



	Type of literature
	Type of literature
	Type of literature
	Type of literature


	Journals indexed in Q1, Q2, or Q3; conference papers; reports
	Journals indexed in Q1, Q2, or Q3; conference papers; reports
	Journals indexed in Q1, Q2, or Q3; conference papers; reports


	Book
	Book
	Book



	Publication status
	Publication status
	Publication status
	Publication status


	Final
	Final
	Final


	In press
	In press
	In press



	Subarea
	Subarea
	Subarea
	Subarea


	Technology, management, and engineering
	Technology, management, and engineering
	Technology, management, and engineering


	Humanities, medicine, and other areas outside the inclusion criteria
	Humanities, medicine, and other areas outside the inclusion criteria
	Humanities, medicine, and other areas outside the inclusion criteria






	Applying these criteria left 122 initially eligible articles. Titles and abstracts were then screened, which produced a ﬁnal sample of 47 articles, as shown in Figure 1. 
	Fig. 1. PRISMA ﬂow diagram for the systematic review. 
	* Scopus relevance ﬁlter for the technology, management, and engineering ﬁelds. 
	** Not relevant to avionics maintenance, or not concerned with emerging technologies. 
	A keyword co-occurrence analysis was carried out alongside the systematic search in order to identify thematic clusters and conceptual connections. The resulting network is shown in Figure 2, which displays the frequency of recurring terms and the links between them. Four main clusters emerged. 
	Fig. 2. Keyword co-occurrence network for avionics component maintenance efficiency  in the defense sector, 2020–2025. 
	The four clusters are: (i) maintenance efficiency (green); (ii) avionics maintenance (orange);  (iii) technologies employed (blue); and (iv) defense sector (purple). 
	3.1 Data Extraction 
	In line with the objectives set out in the introduction, two research questions guided the collection, analysis, and categorization of data: 
	RQ1: Which technologies are currently applied in aircraft maintenance, including the diagnosis and testing of avionics components and flight control computers? 
	RQ2: To what extent do these technologies improve the efficiency of aircraft maintenance, particularly within military organizations? 
	An inductive narrative synthesis was used to answer these questions. This approach organizes findings through theoretical conceptualization and explores relationships within and between studies, providing  a transparent, structured, and rigorous critical appraisal of the evidence rather than a numerical summary  [22–24].  
	Data on objectives, methods, technologies studied, and principal results were first extracted into preliminary analysis files. Open thematic coding was then applied in order to record recurrences and convergent patterns inductively [25]. Finally, the findings were compared across studies. 
	Each article was reviewed independently by each author of the present review; the authors then consolidated their assessments through a consensus process. Conceptual discrepancies arising during study selection and thematic coding were resolved by discussion until agreement was reached on the final classification of every article. 
	The scientific relevance and methodological quality of the studies were assessed against the eligibility criteria defined above, with priority given to (i) consistency between the stated research objectives, the research questions, and the reported results; (ii) clarity and reproducibility of the methodology described; (iii) publication in journals indexed in the Q1–Q3 quartiles whose methodological soundness was established through peer review; and (iv) a description of the technologies evaluated detailed 
	Because this is a systematic review with narrative synthesis, intended to identify and categorize established and validated technological trends rather than to pool evidence quantitatively, no formal risk-of-bias assessment was performed. The aim was to integrate and compare the findings reported in the literature conceptually. 
	Each study was assigned to its final category on the basis of the thematic relevance of its results and of  a consensus interpretation derived from the Technology–Organization–Environment (TOE) framework. This procedure ensured consistency in classification and interpretation while remaining aligned with the objectives and methodological scope of the review. 
	The TOE framework was adopted for classification and interpretation because it integrates the technological factors, organizational capabilities, and environmental conditions that shape technology implementation, all of which are relevant to the aims of this review. Unlike models designed to explain technology adoption by individuals or users, the TOE framework supports the analysis of technologies within complex organizational settings such as defense-sector aircraft maintenance. 
	Although the framework was developed to explain the adoption and implementation of technology, recent studies have used it as an analytical device for identifying and categorizing literature [26, 27]. Here it served as a complementary tool for organizing and interpreting the findings of the systematic review, clarifying how the results in each category relate to the operational reality of military aviation. 
	After data extraction, each study was analyzed in terms of the technology evaluated, its principal benefits, its limitations, and its context of application. These elements were then thematically coded and grouped according to the three dimensions of the TOE framework. The technological dimension captured the characteristics, advantages, and disadvantages of each technology. The organizational dimension gathered factors relating to maintenance efficiency, institutional capabilities, and the resources requir
	4. RESULTS 
	The review identified a range of technologies being implemented in aeronautical maintenance, with particular attention to avionics components. The analysis produced four categories, derived from the search criteria. 
	The categories are interrelated, and each groups a distinct set of technologies and methods: (i) diagnostics and testing of aeronautical components; (ii) diagnostics and testing of avionics components; (iii) flight control computer diagnostics and testing; and (iv) efficiency in aeronautical maintenance. 
	4.1 Diagnostics and Testing of Aeronautical Components 
	The studies in this category fall into three groups: those concerned with augmented reality and robotics at the point of inspection, those concerned with data-driven diagnosis, and those concerned with modeling and simulation. 
	Within Industry 4.0, technologies such as augmented reality and machine learning are gaining ground in aviation maintenance, although many remain at the pre-production stage [28]. Before they can be deployed, their compliance with current maintenance standards must be evaluated in detail, together with the regulatory changes their adoption might require [29]. 
	Several studies report the use of augmented reality in remote maintenance, and others find that augmented and virtual reality (AR/VR) improve accuracy in both inspection tasks and staff training. They converge on two obstacles: the learning demands placed on operators and the cost of the supporting infrastructure. 
	Two applications illustrate the range. One combines computer vision with augmented reality to inspect avionics electrical connectors in confined spaces, reducing the physical burden on technicians and improving the accuracy of the task [30]. The other introduces a robotic architecture for avionics integration testing,  in which computer vision, robotics, and user interaction subsystems take over work previously performed by hand [31]. Both remain at an early stage of development, and both report risks arisi
	A second group of studies addresses the data generated by maintenance rather than the physical task itself. Big data, machine learning, and smart systems are held to be central to managing uncertainty in maintenance planning [32], and the concept of the “hangar of the future” describes the convergence of digital twins,  the Internet of Things (IoT), and robotics across maintenance and repair processes [33]. Digitizing these processes delivers efficiency and traceability, but it continues to meet organizatio
	Prognostics and health management frameworks for maintenance monitoring are presented as  a fundamental element of the aeronautical industry, although regulatory and cultural obstacles remain to be overcome in both military and civil organizations [35]. 
	Efficiency in maintenance and diagnostics is likewise said to rest on big data, the IoT, and artificial intelligence algorithms, which support condition-based planning, projections of component life expectancy, and a reduction in unexpected failures. The corresponding challenges are model reliability, resilience in implementation, and cybersecurity [36]. 
	Supervised learning algorithms for classifying damage to aircraft systems achieve acceptable accuracy but depend on the storage of large volumes of data [37]. Predictive modeling to anticipate failures is therefore  a promising direction, provided that the risks of data dependency are accounted for. 
	A third group turns to modeling and simulation. Model-based testing and hardware-in-the-loop (HIL) simulation are reported to be useful for verifying avionics systems ahead of maintenance tasks, allowing faults to be identified early, diagnostic time to be shortened, and test results to be made more reliable. These studies also acknowledge drawbacks: modeling is inherently complex, maintenance planners do not always understand the recommendations that algorithms produce, and test patterns require continuous
	A final study widens the frame, treating simulation as relevant not only to maintenance but also to safe flight operations [40]. On this account, simulation can shorten staff training and education time while improving component diagnostics and testing, although the approach needs to mature further before it can be verified and deployed in operational environments. 
	4.2 Diagnostics and Testing for Avionics Components 
	This category focuses on technologies applied not to aeronautical components in general but specifically to avionics, including the FCC. Real-time simulation is the dominant thread. One line of work develops HIL technology, in which real hardware is connected to a simulated environment, allowing assembly and maintenance tasks to be tested and validated virtually [41]. 
	Model-based systems engineering (MBSE) has been used alongside HIL to test and validate components against a representation of the system under test, covering both its physical and its logical elements and simulating system behavior across a range of scenarios. Model-based testing of cockpit displays extends this approach by automating tests through scenario generation and validating the results using computer vision. Applied mainly to the scheduled maintenance of cockpit display systems, where recurring in
	A second thread applies deep learning to the diagnosis problem directly. Algorithms for sensor data fusion in the real-time diagnosis of flight control systems report 97.8% accuracy in fault identification and a 25% improvement in fault localization over conventional approaches when applied in unscheduled maintenance to identify unexpected faults. The constraint is the need for robust computing infrastructure and reliable historical databases [43], both of which are scarce in resource-limited, budget-bound 
	Machine learning and deep learning have also been applied to the prediction of medium- and long-term avionics failures, orienting the technique toward scheduled maintenance by anticipating component degradation before failure occurs [45]. This requires extensive time-series datasets for training and carries the risk that the resulting models will be difficult to interpret. 
	A final study proposes a localized testing scheme that uses real-time simulation over a wide-area network [46]. It suits both scheduled maintenance, for compatibility testing, and unscheduled maintenance, for identifying unexpected failures in simulated environments. Its main contribution is shorter diagnostic times and the possibility of remote collaboration between maintenance actors; its limitations are communication interruptions and the absence of validation in real operating environments. 
	4.3 Flight Control Computer Diagnostics and Testing 
	The literature identifies avionics broadly as a critical system whose correct functioning is essential to aircraft safety and availability. Few publications, however, explicitly apply technologies such as artificial intelligence, big data, machine learning, virtual reality, or real-time simulation to the diagnosis and testing of the FCC specifically. 
	This scarcity should be read as a finding constrained by the scope and terminology of the search strategy, not as definitive evidence of a gap in the wider scientific literature. Two explanations are plausible. First, the FCC is often studied as part of broader research on flight control system architectures or on avionics as a whole rather than as an independent unit, so relevant studies may be indexed under different terminology. Second, military and defense data on flight control computers are frequently
	Although many studies on technologies for the diagnosis of avionics systems were identified, most address predictive maintenance, condition monitoring, systems integration, or validation during the design phase of other avionics components. Very few concern the diagnosis and functional validation of the FCC after repair, particularly within unscheduled maintenance. Research effort is also reported to be biased toward aircraft systems whose data are more readily accessible, which leaves critical systems such
	Contemporary studies do report the use of HIL technology and MBSE methodology for parameterizing FCCs and integrating them into flight control systems, analyzing the interaction between the FCC and other aircraft systems in order to establish design requirements. These approaches use sensors to monitor system performance continuously, predict potential failures, and detect unusual patterns in key parameters such as temperature, pressure, and vibration in real time [48, 49]. Such tools improve predictive mai
	On the contrary, the review found that test equipment currently used to diagnose avionics components, including those associated with the FCC, relies on manual data collection and protocols set out in maintenance manuals [50], which underlines the need to move toward intelligent, automated solutions. That need is sharpened by the FCC’s architecture: compared with other avionics components, it concentrates a large number of discrete inputs from aircraft subsystems, receives information from multiple sensors,
	Real-time simulation, hardware-in-the-loop environments, and test automation address precisely this combination of complexity and constraint. They allow operating conditions to be emulated off the aircraft and support the functional validation of multiple panel inputs and outputs without any modification to the system. Automating the diagnostic test sequence reduces reliance on manual procedures, improves measurement repeatability, and shortens maintenance times [53]. The effect is proportionally greater fo
	4.4 Eﬃciency in Aeronautical Maintenance 
	As Figure 3 shows, operational efficiency is the leading category of value creation associated with emerging technologies in aeronautical maintenance, expressed as lower costs, faster response times, higher aircraft availability, and better use of resources [55]. 
	Fig. 3. Distribution of value creation from technological advances  in the aviation industry, 1999–2018 [55]. 
	The literature approaches efficiency through four overlapping mechanisms: optimizing scheduled work, integrating real-time operational data, managing unscheduled events, and embedding sustainability. 
	On the scheduled side, several authors propose decision-making techniques based on project management and simulation modeling to improve processes within aviation maintenance organizations, with resource planning and task scheduling as the primary levers [12, 56, 57]. Digital twins and cyber-physical systems extend this by reducing downtime and improving planning through the integration of operational data with simulation models [58]. 
	Agile methodologies address the less tractable problem of unscheduled maintenance. Their short, collaborative work cycles are suited to the inherent complexity and unpredictability of that work, and they translate in practice into less downtime, better logistical efficiency, and faster response to operational priorities [59]. Within the same context, techniques based on virtual knowledge graphs have been proposed to enable real-time fault prediction, improving the response to unexpected failures before they
	Across both maintenance types, augmented reality and machine learning improve time efficiency and aircraft availability, though the studies concerned stress that organizational standardization protocols must be in place and sustainability considerations integrated if the full benefit is to be realized [28, 61]. 
	Several researchers draw these threads together and argue that automating unscheduled maintenance is the single most significant factor in making aircraft operations more efficient: it raises safety standards, preserves service quality, reduces costs, and improves the operator’s experience [19, 20, 62]. The evidence reviewed here supports that conclusion and frames the rationale for the technology comparisons that follow in the discussion. 
	Table 3 consolidates the findings of the literature review, setting out each technology and methodology identified together with its contributions and its limitations in aeronautical maintenance.
	Table 3. Advantages and limitations of the technologies and methodologies identiﬁed for aeronautical maintenance. 
	 
	Category
	Category
	Category
	Category
	Category
	Category


	Number of papers
	Number of papers
	Number of papers


	Technology/ 
	Technology/ 
	Technology/ 
	methodology


	Type of maintenance
	Type of maintenance
	Type of maintenance


	Advantages
	Advantages
	Advantages


	Limitations
	Limitations
	Limitations


	References
	References
	References




	Diagnostics and testing of aeronautical components
	Diagnostics and testing of aeronautical components
	Diagnostics and testing of aeronautical components
	Diagnostics and testing of aeronautical components
	Diagnostics and testing of aeronautical components


	21
	21
	21


	Augmented and virtual reality
	Augmented and virtual reality
	Augmented and virtual reality


	Scheduled
	Scheduled
	Scheduled


	Accuracy in periodic inspections, reduced human error, and support for remote training
	Accuracy in periodic inspections, reduced human error, and support for remote training
	Accuracy in periodic inspections, reduced human error, and support for remote training


	High implementation costs and  a steep learning curve
	High implementation costs and  a steep learning curve
	High implementation costs and  a steep learning curve


	[19,28–41, 63–68]
	[19,28–41, 63–68]
	[19,28–41, 63–68]



	Model-Based Testing and simulation
	Model-Based Testing and simulation
	Model-Based Testing and simulation
	Model-Based Testing and simulation


	Scheduled
	Scheduled
	Scheduled


	Early failure validation; reduced diagnosis and testing times
	Early failure validation; reduced diagnosis and testing times
	Early failure validation; reduced diagnosis and testing times


	Complex modeling and dependence on simulated environments
	Complex modeling and dependence on simulated environments
	Complex modeling and dependence on simulated environments



	Machine learning
	Machine learning
	Machine learning
	Machine learning


	Unscheduled
	Unscheduled
	Unscheduled


	Early fault identiﬁcation and high accuracy
	Early fault identiﬁcation and high accuracy
	Early fault identiﬁcation and high accuracy


	Requires infrastructure for large data volumes; risk of bias
	Requires infrastructure for large data volumes; risk of bias
	Requires infrastructure for large data volumes; risk of bias



	IoT and digital twins
	IoT and digital twins
	IoT and digital twins
	IoT and digital twins


	Scheduled
	Scheduled
	Scheduled


	Remote diagnostics and integration of maintenance data
	Remote diagnostics and integration of maintenance data
	Remote diagnostics and integration of maintenance data


	Risk of cyberattack; requires robust infrastructure
	Risk of cyberattack; requires robust infrastructure
	Risk of cyberattack; requires robust infrastructure



	Diagnostics and testing of avionics components
	Diagnostics and testing of avionics components
	Diagnostics and testing of avionics components
	Diagnostics and testing of avionics components


	09
	09
	09


	Digital Twins
	Digital Twins
	Digital Twins


	Unscheduled
	Unscheduled
	Unscheduled


	Real-time monitoring, improved traceability, and fault detection
	Real-time monitoring, improved traceability, and fault detection
	Real-time monitoring, improved traceability, and fault detection


	Dependence on reliable data; cybersecurity risks
	Dependence on reliable data; cybersecurity risks
	Dependence on reliable data; cybersecurity risks


	[41–46, 53,69,70]
	[41–46, 53,69,70]
	[41–46, 53,69,70]



	Artiﬁcial Intelligence
	Artiﬁcial Intelligence
	Artiﬁcial Intelligence
	Artiﬁcial Intelligence


	Unscheduled
	Unscheduled
	Unscheduled


	Accurate, predictive diagnosis of complex faults
	Accurate, predictive diagnosis of complex faults
	Accurate, predictive diagnosis of complex faults


	Requires robust computing infrastructure
	Requires robust computing infrastructure
	Requires robust computing infrastructure



	Augmented Reality
	Augmented Reality
	Augmented Reality
	Augmented Reality


	Scheduled
	Scheduled
	Scheduled


	Reduced human error in conﬁned-space inspections
	Reduced human error in conﬁned-space inspections
	Reduced human error in conﬁned-space inspections


	Requires specialized training and robust computational infrastructure
	Requires specialized training and robust computational infrastructure
	Requires specialized training and robust computational infrastructure



	Hardware-in-the-Loop
	Hardware-in-the-Loop
	Hardware-in-the-Loop
	Hardware-in-the-Loop


	Scheduled/ 
	Scheduled/ 
	Scheduled/ 
	Unscheduled


	Virtual validation with reduced testing time and cost
	Virtual validation with reduced testing time and cost
	Virtual validation with reduced testing time and cost


	Technical complexity in system modeling and calibration
	Technical complexity in system modeling and calibration
	Technical complexity in system modeling and calibration



	FCC diagnosis and testing
	FCC diagnosis and testing
	FCC diagnosis and testing
	FCC diagnosis and testing


	02
	02
	02


	Model-based systems and HIL
	Model-based systems and HIL
	Model-based systems and HIL


	Scheduled
	Scheduled
	Scheduled


	In-ﬂight system monitoring in accordance with design requirements
	In-ﬂight system monitoring in accordance with design requirements
	In-ﬂight system monitoring in accordance with design requirements


	Requires changes or modiﬁcations to the aircraft
	Requires changes or modiﬁcations to the aircraft
	Requires changes or modiﬁcations to the aircraft


	[48,49]
	[48,49]
	[48,49]



	Manual test set
	Manual test set
	Manual test set
	Manual test set


	Scheduled/ 
	Scheduled/ 
	Scheduled/ 
	Unscheduled


	Measurement of multiple signals
	Measurement of multiple signals
	Measurement of multiple signals


	Manual processes and limited automation
	Manual processes and limited automation
	Manual processes and limited automation






	 
	Category
	Category
	Category
	Category
	Category
	Category
	Category


	Number of papers
	Number of papers
	Number of papers


	Technology/ 
	Technology/ 
	Technology/ 
	methodology


	Type of maintenance
	Type of maintenance
	Type of maintenance


	Advantages
	Advantages
	Advantages


	Limitations
	Limitations
	Limitations


	References
	References
	References




	Efficiency in aeronautical maintenance
	Efficiency in aeronautical maintenance
	Efficiency in aeronautical maintenance
	Efficiency in aeronautical maintenance
	Efficiency in aeronautical maintenance


	15
	15
	15


	Mathematical optimization models
	Mathematical optimization models
	Mathematical optimization models


	Scheduled
	Scheduled
	Scheduled


	Reduced delays and costs; optimized task planning
	Reduced delays and costs; optimized task planning
	Reduced delays and costs; optimized task planning


	Limited applicability to other types of maintenance
	Limited applicability to other types of maintenance
	Limited applicability to other types of maintenance


	[12,19,20,28, 55–62,71–73]
	[12,19,20,28, 55–62,71–73]
	[12,19,20,28, 55–62,71–73]



	Resource management and planning
	Resource management and planning
	Resource management and planning
	Resource management and planning


	Scheduled
	Scheduled
	Scheduled


	Efficient resource allocation and reduced downtime
	Efficient resource allocation and reduced downtime
	Efficient resource allocation and reduced downtime


	Constrained by organizational culture and contextual factors
	Constrained by organizational culture and contextual factors
	Constrained by organizational culture and contextual factors



	Digital twins / IoT
	Digital twins / IoT
	Digital twins / IoT
	Digital twins / IoT


	Scheduled / Unscheduled
	Scheduled / Unscheduled
	Scheduled / Unscheduled


	Fault prediction and real-time data integration
	Fault prediction and real-time data integration
	Fault prediction and real-time data integration


	Requires data infrastructure, large-volume data management, and cybersecurity measures
	Requires data infrastructure, large-volume data management, and cybersecurity measures
	Requires data infrastructure, large-volume data management, and cybersecurity measures



	AI & Industry 4.0
	AI & Industry 4.0
	AI & Industry 4.0
	AI & Industry 4.0


	Scheduled / Unscheduled
	Scheduled / Unscheduled
	Scheduled / Unscheduled


	Classiﬁcation of technology maturity; reduced time and cost
	Classiﬁcation of technology maturity; reduced time and cost
	Classiﬁcation of technology maturity; reduced time and cost


	Lack of standardization
	Lack of standardization
	Lack of standardization



	Integration of sustainable processes
	Integration of sustainable processes
	Integration of sustainable processes
	Integration of sustainable processes


	Scheduled
	Scheduled
	Scheduled


	Integration of efficiency and sustainability
	Integration of efficiency and sustainability
	Integration of efficiency and sustainability


	Requires structural changes shaped by organizational culture
	Requires structural changes shaped by organizational culture
	Requires structural changes shaped by organizational culture






	5. DISCUSSION 
	The results are discussed here through the three dimensions of the Technology–Organization–Environment (TOE) framework, which allows technological factors, organizational capabilities, and contextual constraints to be considered together rather than in isolation. 
	On the technological dimension, the technologies listed in Table 3 improve efficiency by integrating operational data with traceability, automating fault detection, and emulating system behavior with sufficient fidelity to reduce diagnostic uncertainty. Their limitations in defense settings share a common structure: dependence on labeled historical data, demands for complex processing, and the need for large-volume data storage with associated cybersecurity exposure. Each of these limits scalability in envi
	On the organizational dimension, efficiency gains materialize only where the necessary internal capabilities exist: skilled personnel, structured training, data governance, process standardization, and sustained investment in infrastructure. Where those capabilities are absent or underdeveloped, the learning curve and the complexity of integration act as a ceiling on the benefits that technology can deliver. 
	On the environmental dimension, the constraints specific to the defense sector – regulatory compliance, information security requirements, operational availability demands, logistics chains, and geographic conditions – slow the uptake of technology and tend to push adoption toward incremental rather than transformative solutions. 
	Table 4 brings these three dimensions together, summarizing how each identified technology performs across the TOE framework and what the interactions between dimensions mean for avionics maintenance efficiency in defense contexts. 
	5.1 Eﬃciency Through Technology 
	The reviewed literature reports a positive effect on both downtime and maintenance operating costs from emerging technologies such as artificial intelligence, digital twins, and augmented reality [35, 37]. HIL testing has become a particularly important means of evaluating components in a controlled environment before  they are integrated into the aircraft, because it simulates the interaction between a component and its operational environment [74], improving diagnostic accuracy and reducing the risks asso
	Digitization and automation – the core elements of Aeronautical Maintenance 4.0 – can be combined to improve the repair and diagnosis of aircraft components. The capacity of automated systems to predict failures through machine learning algorithms and real-time condition monitoring [76] is especially relevant for components with high failure rates, such as the FCC. 
	Figure 4 synthesizes the relationship between the identified technologies and maintenance efficiency outcomes. Simulation-based approaches, namely HIL and digital twins, have the most direct effect on diagnostic time and cost. Artificial intelligence and machine learning deliver greater diagnostic accuracy but depend on data availability. AR/VR contributes indirectly through training and inspection support. Across all four, the impact of a technology depends less on its technical maturity than on how well i
	Fig. 4. Conceptual synthesis linking technologies to efficiency outcomes  in avionics maintenance. 
	These technologies do not offer equal potential for improving maintenance efficiency, because their advantages depend on the operational environment and on the organizational capabilities available. HIL and real-time simulation appear to be the most mature for diagnostic and functional testing applications in defense settings, because they reproduce real operating conditions without requiring large volumes of historical data. 
	Artificial intelligence and machine learning show greater accuracy in identifying complex faults and in modeling component life cycle and wear, but their performance is contingent on representative databases, robust computational infrastructure, and an appropriate data governance framework. Digital twins and the Internet of Things enable the integration of real-time operational information with maintenance traceability, but require substantial investment in digital infrastructure and raise cybersecurity cha
	Taken together, the evidence suggests that simulation technologies are the more immediately feasible option for military organizations, where security restrictions, limited data availability, and budgetary constraints impede the adoption of solutions that depend heavily on artificial intelligence or advanced digital infrastructure. 
	5.2 Operational and Organizational Limitations 
	Despite these advances, integrating advanced technologies into military maintenance remains difficult, particularly in developing countries such as Colombia. Limited financial resources [17], combined with  a shortage of local skills for repairing avionics components, restrict the adoption of state-of-the-art tools. Political decisions that prioritize fiscal austerity compound this by reducing allocations to the defense sector [18]. 
	Successful technology adoption in military organizations therefore depends on adequate and sustained funding across research, development, prototyping, infrastructure, training, and equipment acquisition [77]. Technologies such as big data analysis and intelligent systems add a further requirement: solid digital infrastructure and qualified personnel to operate it, neither of which is yet fully in place in Colombian military institutions. Dependence on external suppliers for unscheduled repairs adds complex
	5.3 Projections for Technology Adoption 
	Successful adoption of emerging technologies requires a strategic approach matched to the needs of users and of the workforce [78]. For military organizations engaged in the aeronautical maintenance of avionics components, two priorities stand out: developing local capability to implement advanced diagnostic systems, and training the technical personnel who will use them. 
	The aircraft maintenance industry is not yet ready for full digitization, but its personnel are willing to upgrade their skills, and investment in reliable software, hardware, and training is necessary if maintenance process efficiency is to improve [34]. Defense organizations must therefore begin by identifying their specific needs and their current workforce capabilities, so that technology adoption is aligned with mission objectives [79], strengthens military capability [80], and generates a durable comp
	Three practical recommendations follow for defense organizations and aircraft operators working in comparable environments. 
	First, to improve maintainability indicators and reduce dependence on external suppliers, diagnostic and testing systems based on real-time simulation should be introduced progressively for components with high failure rates, such as the FCC [53]. 
	Second, organizational competence should be strengthened through on-the-job training, specialized instruction, and interdisciplinary teams that bring maintenance and engineering personnel together, enabling predictive technologies to be interpreted and applied effectively [82]. 
	Third, adoption roadmaps should be developed in line with current aeronautical regulatory standards [83] and should incorporate cost-benefit and sustainability criteria to ensure that the chosen solutions remain organizationally viable over time. 
	5.4 Limitations of the Review 
	Several limitations should be borne in mind when interpreting these results. First, the literature search was restricted to Scopus and Google Scholar, chosen for their broad coverage of peer-reviewed and gray literature in engineering and technology; relevant studies indexed only in other databases may not have been retrieved. 
	Second, as in any systematic review, the evidence is subject to publication bias: studies reporting positive results from technology implementation are more likely to be published than those reporting inconclusive or negative findings, which may inflate the apparent effectiveness of the technologies analyzed. 
	Third, only English-language publications were included, which may have excluded relevant work in other languages and in particular studies addressing defense contexts in Latin America. 
	Finally, the strategic nature of defense-sector aircraft limits the availability of avionics system data, much of which is classified, restricting the depth of empirical evidence and technical detail in the published literature. The findings of this review should therefore be read as a synthesis of currently available published knowledge, not as an exhaustive account of technological capabilities in military aircraft maintenance. 
	6.  CONCLUSIONS 
	This systematic literature review set out to identify and assess the technological trends applicable to the aeronautical maintenance of avionics components, with particular attention to the defense sector. The evidence analyzed indicates that emerging technologies have real potential to transform the diagnosis and repair of avionics components, but that their effective implementation depends on the technological, organizational, and operational conditions of each context. 
	The studies reviewed demonstrate the efficiency gains that digitization and automation can deliver from a maintenance management perspective. These gains matter across the aviation industry, because maintenance determines system availability, influences service life, affects customer satisfaction, and shapes the return on investment. The sector continues to search for scalable models that improve efficiency [84]. 
	In the Colombian military context specifically, financial constraints and dependence on external suppliers remain the binding limitations. Both reduce aircraft availability and undermine long-term sustainability, and neither can be resolved by technology alone without the organizational investment described in Section 5.3. 
	The review also found only limited application of emerging technologies to the diagnosis and functional validation of the FCC during unscheduled maintenance, particularly for military utility aircraft. As discussed in Section 4.3, this gap represents a concrete opportunity to develop and evaluate technological solutions that could meaningfully improve the efficiency of that process. 
	Although grounded in a specific military context, the findings apply more broadly, to other defense organizations and to civil operators alike, because the problems they address – high avionics failure rates, manual diagnostic processes, dependence on external repair – are not unique to Colombia. 
	In sum, the evidence supports the adoption of emerging technologies as a promising route to improving efficiency and sustainability in avionics component maintenance. The most immediate opportunity lies in simulation-based approaches, particularly HIL testing, which can be deployed without the large historical datasets that artificial intelligence requires and within the security and budgetary constraints that defense organizations face. This review lays the conceptual groundwork for the future research and
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