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Abstract: We introduce My Dream Team (MDT), an interactive web application that uses a recommendation system to help
participants assemble teams and learn how social network dynamics influence team formation. The system operationa-
lizes foundational social network principles to illustrate how differences in relational configuration and structural posi-
tion shape teaming decisions and outcomes. Participants create profiles, report prior relationships, search for potential
teammates, and send invitations to form teams. These relationships influence both algorithmic team suggestions and
participants’ own choices, allowing participants to observe whether they favor familiar, densely connected contacts or
reach across structural boundaries to less embedded contacts. In classroom and workshop activities, MDT serves as a
pedagogical tool for exploring how individuals navigate the trade-off between network comfort zones and opportunities
afforded by broader, weaker connections. Drawing on more than 30 sessions with over 1,000 participants, we describe
how MDT helps participants develop a tangible understanding of network structures and their effects on group composi-
tion, information access, and collaborative opportunities. This web application is free, and instructors can configure
accounts for their students and participants.
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1. Introduction

“Have you ever been on a dream team?” When we pose
this question at the start of our sessions, many hands go
up. Then, when we ask the follow-up – “Have you also
been on a nightmare team?” – many more go up. This
universal experience, with participants knowing both
the joy of working with a high-performing team and the
frustration of a dysfunctional one, immediately under-
scores the relevance of understanding what makes teams
work. But what distinguishes a dream team from a night-
mare team? Why do some groups thrive while others
struggle, even when composed of talented members?

Social network analysis offers powerful conceptual
tools for understanding these dynamics. Granovetter’s
(1973) influential theory of “The strength of weak ties”
proposed that loosely connected acquaintances provide

access to nonredundant information by linking separate
social circles, though subsequent work has clarified that
these advantages stem more from structural bridging than
weakness per se (Kim & Fernandez, 2023; Neal, 2024).
Burt’s (1992, 2005) work on structural holes similarly
demonstrated that bridging disconnected groups yields
diverse information and opportunities. Yet research on
team formation consistently shows that people’s choices
about whom to work with are heavily influenced by prior
relationships, homophily, and network position rather
than structural considerations (Hinds et al., 2000).

Building on these insights, we introduce My Dream
Team (MDT), an interactive web-based platform that
transforms abstract network concepts into experiential
learning. Developed by the Science of Networks in
Communities Research Group at Northwestern
University, MDT enables participants to form teams
through a structured process that makes the network
dynamics underlying team assembly visible. Participants
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create profiles, report their existing social networks,
search for potential teammates using preference-based
queries, and send and receive invitations. The system
tracks these interactions, allowing both participants and
instructors to observe patterns that would otherwise
remain invisible.

This paper presents MDT as a pedagogical tool for
classroom and workshop settings. We first outline the
activity’s learning goals and setup, then walk through
the main procedure, including profile creation, teammate
search, and invitation dynamics. We then discuss debrief
strategies, ethical safeguards, teaching materials, and key
lessons that have emerged from more than 20 sessions
with over 1,000 participants across multiple universities.

2. Goals

2.1 Motivating network science for team
formation

A lecture with MDT begins by establishing why network
science matters for understanding team formation.
Drawing on Katzenbach’s (2012) work, we distinguish
between a team, a small group accountable for a specific,
compelling performance purpose, and a network, a larger,
informal group with diverse expertise that provides flex-
ibility and access to distributed knowledge. Effective col-
laboration often depends on both structures. While teams
provide focus and accountability, networks extend access
to information, expertise, and resources. Cummings and
Pletcher (2011) formalized this insight with the concept of
“project networks,” in which team members bring non-
core contributions from their personal networks. MDT
helps participants consider how potential team members’
networks can provide a strategic advantage, enabling
them to gain access to new opportunities and resources.

2.2 Illustrating core network concepts

The MDT activity illustrates several network concepts
through direct experience. A central idea in network
research is that access to information and collaboration
opportunities depends on how relationships are
embedded within the broader network structure.
Research has shown that tie strength (e.g., frequency or
closeness of interaction) and structural bridging (e.g.,
linking distinct parts of the network) are analytically dis-
tinct dimensions, and that access to nonredundant

information depends on the configuration of both
(Granovetter, 1973; Kim & Fernandez, 2023; Neal, 2024).
In MDT, participants report prior relationships, including
acquaintances, collaborators, and social partners. The
recommendation algorithm and participants’ choices
make visible how relational strength and structural
embedding jointly influence teammate selection. Partici-
pants embedded in dense clusters find their options con-
strained to familiar circles, whereas those whose networks
span multiple clusters receive invitations from more
diverse parts of the network.

The second concept is human capital vs social capital.
Human capital refers to the knowledge, skills, abilities, and
experiences of individuals (Becker, 1994), whereas social
capital refers to the social relationships individuals have
with others (Lin, 2017). Research has consistently shown
that individuals prefer working with those who share demo-
graphic characteristics, attitudes, and backgrounds, and that
positive prior interactions create expectations of similar
future behavior (Hinds et al., 2000). While individuals might
initially seek out competent teammates, they might end up
teaming up with familiar individuals, reinforcing the effects
of their social capital (Gómez-Zará et al., 2019). The MDT
activity makes these tendencies visible, helping participants
observe their inclination toward similar others and familiar
faces, even when they espouse the benefits of variety and
novel connections.

Network positions also shape access to opportunities.
Highly connected individuals are more visible and more
likely to be selected as teammates. Brokers – those who
bridge disconnected groups – have access to diverse infor-
mation and can facilitate collaboration between disparate
parties (Burt, 2005). Talented individuals can go unnoticed
by potential collaborators if they lack sufficient connec-
tions and remain on the periphery of the social network.
MDT demonstrates how specific positions in participants’
social networks affect invitation patterns, leading some
participants to receive many invitations and others to
receive very few.

2.3 A flexible platform for different
contexts

The MDT activity is appropriate for academic (from high
school to graduate level), professional development work-
shops on collaboration, and interdisciplinary programs. It
has been successfully used with undergraduate, graduate,
and faculty participants. The activity adds particular value
when used to form teams for actual projects. For example,
students can form teams at the start of a semester, or
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faculty can form interdisciplinary groups that require
complementary skills.

2.4 Incorporating relevant literature

Instructors may assign readings before or after the activity,
depending on pedagogical goals. Assigning readings before-
hand allows participants to recognize concepts as they
encounter them; readings afterward let participants develop
intuitions from their experience and then expand on them.
Core readings include “The strength of weak ties”
(Granovetter, 1973), “Look beyond the team: It’s about the
network” (Katzenbach, 2012), and “Why project networks
beat project teams” (Cummings & Pletcher, 2011). In advanced
courses, instructors may also assign recent reassessments
that distinguish tie strength from structural bridging (Kim
& Fernandez, 2023; Neal, 2024). When possible, we ask stu-
dents to engage with these readings before the session.

3. Setup

3.1 Technical requirements

Instructors create a free account at https://v2mdt.soc.
northwestern.edu/accounts/signup/ and receive an email
with further instructions (Figure 1). Once ready, the
instructor creates a “session” by specifying a name. The

instructor then adds participants’ email addresses by
uploading a CSV roster file (Figure 2). The system will
request information about the maximum team size and
ranking methods for recommending teammates (Figure 3).
Lastly, the instructor can customize the questions for the
students’ profile-creation survey, including demographics,
skills, and domains of interest (Figure 4).

Participants will receive an automated email invita-
tion containing login credentials and a link to the MDT
platform. They can access MDT through a web browser
on any internet-connected device, such as a laptop, tablet,
or smartphone.

3.2 Pre-activity preparation

A brief pre-activity lecture introducing key network terms
(e.g., nodes, ties, strong ties, weak ties, brokers) helps par-
ticipants interpret their experience.

The first task for participants is completing a public
user profile. They identify themselves by their real names
and complete their profiles by answering open-ended
questions about their backgrounds, skills, interests, and
motivations for taking the course. This information is
available for other participants to view. Next, participants
complete a survey assessing human and social capital,
including questions about demographic information, crea-
tivity, leadership experience, psychological collectivism,
social skills, personality, project skills, and relationships
with others in the network. Completing this survey takes

Figure 1. Admin account creation.
Source: Authors’ contribution.
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between 10 and 15 minutes. This information is used to
generate search results. Instructors should set a deadline
for participants to complete this survey. Once completed,
participants can search for and invite others to their team.

3.3 Defining the team task

The activity works best when participants form teams for a
defined task, whether for a project or a single lecture. Example
tasks include: “Form a team to complete the upcoming course
project,” “Form a team to develop a business plan for a
startup,” or “Form a team to survive on a deserted island.”

3.4 Session arrangement

Both the initial survey and team formation exercise can be
completed remotely or during a live session. For remote
completion, the instructor establishes deadlines for each
activity (e.g., 5 days for profiles, another 5 days for team
formation). Instructors can also run both activities during
a lecture, giving participants 10 min to complete the initial
survey before providing instructions for forming teams. A
hybrid approach – completing the survey before class and

running team formation during the session – saves time. If
some students have not completed the survey on time, the
remaining participants can still form teams and send invi-
tations while the pending students create their profiles.

3.5 Materials

All materials, videos, and tutorials are provided through the
MDT platform. Supplementary materials instructors may
wish to prepare include slides that introduce network con-
cepts, discussion questions for the debrief, and a handout
summarizing key findings from MDT research. The platform
automatically generates data exports for post-activity analysis.

3.6 Procedure

At the start of a session, the instructor opens with the
provocative questions: “Have you ever been on a dream
team? Have you also been on a nightmare team?” After a
brief discussion, the instructor motivates the challenges of
team formation (e.g., composition, homophily) and intro-
duces the framework that distinguishes teams from net-
works. The instructor explains that participants will form

Figure 2. Adding participants to an MDT session.
Source: Authors’ contribution.
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teams using the MDT platform and then discuss the pat-
terns that emerged.

3.6.1 Phase 1: Profile creation and network
identification

Participants log into MDT. If they have not yet created
their profiles, they should have 10–15 min to complete
the survey. They add information about themselves,

report on their social relationships, and answer questions
about their skills, creativity, interests, leadership experi-
ence, and personality traits (Figure 5). The instructor
supervises and answers questions as needed.

3.6.2 Phase 2: Teammate search

After completing profiles, participants search for team-
mates by creating a search query specifying their

Figure 3. Setting an MDT session. Instructors can enable participants to search for other teammates, activate notifications, and enable
the ranking methods when recommending potential teammates.

Source: Authors’ contribution.
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Figure 4. The instructor can customize the survey that participants will receive.
Source: Authors’ contribution.

Figure 5. Profile survey. Participants create a public profile and provide information to the recommendation system, which remains
private and is not visible to other participants.

Source: Authors’ contribution.
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preferences. For each attribute collected in the profile
(skills, experience, personality traits), participants indicate
importance on a 7-point scale ranging from “Not impor-
tant at all” (−3) to “Don’t care” (0) to “Yes, for sure” (+3).
MDT generates a rank-ordered list of recommendations
based on how well each potential teammate matches the
query (Figure 6). For each recommendation, the system
displays the person’s name, a “fit score” indicating match
quality, a link to their public profile, their current team
status, and an “Invite” button (Figure 7).

MDT offers three ranking methods that instructors can
enable independently (Gómez-Zará et al., 2020; Gómez-
Zará, Paras, et al., 2019). The “Query Match Score” com-
putes a weighted sum: for each attribute k that the
searcher specified, the system multiplies the candidate’s
score on that attribute by the searcher’s stated importance
weight, then sums across attributes to produce an overall
fit score. The “Value-Add Score” evaluates how much a
candidate would improve the team’s aggregate profile
relative to what it already has. The “Variety Score” calcu-
lates how adding a candidate would change the team’s
composition variety, using Blau indices for categorical
attributes (e.g., gender, nationality) and coefficients of var-
iation for numerical attributes (e.g., age, project skills),
and averaging the results into a single percentage. Each

method operationalizes a different network-theoretic con-
cern: query-match quality reflects stated human-capital
preferences, value-add captures complementarity, and
variety quantifies the skills and perspectives that a new
member would bring. Instructors can choose which
methods to enable depending on which concepts they
want to foreground.

While browsing recommendations and profiles, parti-
cipants send invitations. When a participant sends an invi-
tation, the recipient receives a notification and can accept
(to form a team or merge existing teams), decline, or
ignore it. Teams grow by accepting additional invitations
until they reach their maximum size. Participants can also
leave or switch teams.

The instructor may project teams assembling in real
time, helping those without a team or those teams seeking
new members. If participants remain without a team, the
instructor can facilitate connections by monitoring the
teams that have formed. The instructor could set a 10-
min timer and help students assemble teams.

3.6.3 Phase 3: Debrief and discussion

After teams assemble (or time expires), the instructor
leads a structured discussion that connects participants’

Figure 6. Creating the search query. Users search for teammates based on social connections, project skills, similarity features, and
individual traits.

Source: Authors’ contribution.
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experiences to network theory. Key discussion threads
include:
• Human vs Social Capital: “When you filled out the
search query, what did you prioritize? When you sent
invitations, did your behavior match your stated
preferences?”

• Weak vs Strong Ties: “Did you invite people you already
knew, or did you reach out to strangers? Why do you
think people gravitate toward familiar others? What are
the benefits? What are the costs?”

• Network Position: “Did you invite people embedded in
your immediate network, or did you reach across other
social groups? Who received the most invitations? What
do you think explains these patterns?” The discussion
can address how network position affects opportunity,
independent of individual competence.

• Algorithmic Recommendations: “To what extent did you
revise the provided recommendations? Did you trust the
algorithm? What is the role of these algorithms in med-
iating social relationships?”

• Implications for Team Composition: “If everyone invites
their friends, what happens to team composition? Who
gets left out? How might these dynamics perpetuate
existing patterns of segregation?”

3.7 Variant scenarios

3.7.1 Multiple tasks

If the session allows multiple team-formation rounds,
instructors can ask participants to form teams for dif-
ferent hypothetical tasks, helping them reflect on how
their preferences and choices change across task settings.
Drawing on McGrath’s circumplex model (1984), the
instructor might consider: a planning task (e.g., “Form a
team to develop a strategic plan for a community initia-
tive”), a performance task (“Form a team to build a soft-
ware application”), or a competitive task (“Form a team to
win a business competition”). After each round,

Figure 7. Exploring the recommendations generated by MDT.
Source: Authors’ contribution.
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participants form new teams for the next task. The
instructor can clone a project in the MDT dashboard to
keep the same roster and profile data. The debrief then
compares how preferences and selection criteria changed
across task types. Our research found that prior relation-
ships remain influential across all task types, but the
importance of specific skills varies. Technical skills matter
more for performance tasks, while networking and per-
suasion skills matter more for competitive tasks (Kaven
et al., 2021).

3.7.2 Variety information displayed

This variant demonstrates how information design affects
team formation decisions. In one round, the instructor runs
the normalMDT configuration where participants see only fit
scores and profiles. In a subsequent round, MDT displays
how each potential teammate would affect team composition
variety, calculating variety scores based on age, gender,
nationality, and skill profiles. Participants compare their invi-
tation patterns across rounds. Our research found, paradoxi-
cally, that displaying variety information led participants to
select less varied backgrounds and profiles (Gómez-Zará
et al., 2020). When differences between members were
made salient, participants appeared to use the information
to select similar others rather than different ones, illustrating
how well-intentioned interventions can produce unintended
consequences.

4. Lessons

The MDT activity consistently yields several patterns that
instructors can highlight to connect the team-formation
experience to organizational and network theory. First,
participants can reflect on the tension between their
stated and revealed preferences when choosing team-
mates. Many say they seek teammates with varied skills
and backgrounds, focusing on human capital. However,
when they send invitations, their choices heavily favor
prior collaborators and friends. This gap between what
people search for and what they ultimately choose is a
powerful teaching moment. It illustrates how homophily
incentivizes participants to team up with familiar and
similar individuals. Across multiple studies using MDT,
people with strong ties were approximately five times
more likely to receive invitations than equivalent stran-
gers, and prior collaborators were approximately twice as
likely. This pattern persists even when controlling for fit
scores generated by the recommendation algorithm
(Gómez-Zará et al., 2019; Ichhaporia et al., 2020; Twyman

et al., 2022). Instructors can discuss how these network
structures exert influence that individuals may not con-
sciously recognize.

Instructors can also highlight how acceptance and
rejection decisions rely on the inviter’s bonding and brid-
ging capital, not just their competence. Participants notice
that some individuals receive many invitations and are
more likely to accept invitations from people they already
know. This creates a compounding effect: people invite
their friends, who accept, reinforcing existing network
structures. A productive discussion point is the fear of
inviting strangers, which can include an aversion to rejec-
tion and social judgment.

A final insight concerns how individual choices aggre-
gate into teams segregated by human and social capital.
Participants with extensive networks end up on teams
with others who have extensive networks. Those with
high self-reported skills end up on teams with other high-
skill participants. And those with few prior relationships
and lower visibility struggle to find teammates. These con-
sequences invite reflection on how social connections pro-
foundly influence collaborations and opportunities.

4.1 Connecting to theory

This activity aligns with foundational research in social
network analysis. It demonstrates how bridging ties shape
opportunities: participants embedded in tight-knit clusters
of strong ties find their options limited, while those with
bridging weak ties receive invitations from multiple dis-
tinct clusters. It also illustrates how effective teams com-
bine a stable core with dynamic access to expertise in
members’ personal networks. Teammembers with diverse
networks bring more potential non-core contributors who
can provide rich knowledge, information, and feedback.

Moreover, MDT demonstrates how micro-level choices
– a search query, browsing teammate recommendations –
aggregate into macro-level network patterns such as popu-
larity, clustering, and core–periphery structure. Some par-
ticipants end up at the center of invitation networks while
others remain peripheral. This distribution reflects sys-
tematic social patterns (prior relationships, visibility, per-
ceived competence) that create structural advantages for
some and disadvantages for others.

4.2 Participant reflections on learning

In several sessions, we administered a post-assembly
survey that asked participants to compare MDT with
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their prior team-formation experiences (Gómez-Zará,
Andreoli, et al., 2019; Gomez-Zara et al., 2026; Kaven
et al., 2021). Participants consistently reported that MDT
prompted them to think more carefully about whom to
work with, to reflect on what it takes to form a “dream
team,” and to think more strategically about the kinds of
people needed for a given task. Participants also reported
that MDT connected them to people they would not other-
wise have considered and to a wider range of potential
collaborators. These responses suggest the activity made
visible the network dynamics that participants would
otherwise take for granted. In future implementations,
instructors could strengthen assessment by adding pre/
post knowledge items on specific network concepts (e.g.,
defining weak ties, identifying structural holes, distin-
guishing bonding from bridging capital) to measure con-
ceptual learning gains alongside these reflective out-
comes. The full survey instrument is available in the
Supplementary Materials.

The MDT platform itself demonstrates how online
systems mediate and shape network formation. The
recommendation algorithm influences who appears at
the top of search results, and participants are signifi-
cantly more likely to invite those ranked higher. These
design choices illustrate how technology can either
reinforce or disrupt existing network patterns. Table 1
maps the MDT platform’s features to network concepts,
summarizing what participants can observe at each
stage.

4.3 Discussion questions

• How did your prior relationships influence your
choices? Were you surprised by how much they
mattered?

• Did MDT make you think of potential teammates you
would not have considered otherwise?

• Did you seek similarity or variety in your teammates?
What happened when you tried to balance both?

• Who received the most invitations in our class/
workshop?

• What would help people form more effective teams?
Teams with broader skills and backgrounds? Are those
the same thing?

• How did MDT’s recommendation rankings affect your
choices?

5. Reflections

Over more than 10 years, MDT has successfully deployed
more than 30 sessions across multiple educational levels,
group sizes, and regions. The activity works across diverse
contexts because the experience of team formation is uni-
versal. Regardless of institutional setting or national cul-
ture, participants recognize the social dynamics at play –
the natural preference for familiar others, the uncertainty
about reaching out to strangers, and the mixed emotions
about receiving (or not receiving) invitations.

MDT feature Social network analysis (SNA) concepts What participants observe

Search query (skills, personality, ties) Stated preferences: human capital vs

social capital

Participants discover what they value in their teammates

Invitation network (who invites whom) In-degree centrality; preferential

attachment

Some participants receive many invitations; others receive

few, independent of competence

Tie-type reporting (know/worked with/

socialize)

Tie strength Strong ties dominate actual invitation choices despite weak-

tie availability

The gap between search and invitation Stated vs revealed preferences;

homophily

Participants search for competence but invite friends

Variety score display Social categorization; homophily Making differences salient can paradoxically reduce variety

in teammate selection

Recommendation rank position Algorithmic mediation of social

processes

Higher-ranked candidates are significantly more likely to

receive invitations

Aggregate team composition Emergent segregation; core-periphery

structure

Expertise and social capital are concentrated in a few teams;

peripheral participants struggle

Table 1. Mapping MDT features to social network concepts.
Source: Authors’ contribution.
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The most common insight, and the most powerful ped-
agogically, occurs when participants recognize the gap
between their intentions and their behavior. This moment
of self-recognition helps participants understand how
network structures influence behavior in ways they may
not consciously recognize. Another powerful moment
occurs when participants who receive few invitations
reflect on why they receive so few. Some who perceive
themselves as competent and valuable teammates are sur-
prised to find they are overlooked, either because they are
new to the group, occupy peripheral network positions, or
lack the social connections that generate visibility.
Together, these moments spark a conversation about
how structural factors shape opportunity independently
of individual talent.

5.1 Ethical considerations and safeguards

Because the activity surfaces real social dynamics, instruc-
tors must actively manage the potential for negative
experiences, particularly for participants who receive
few or no invitations. We recommend several practices.
First, instructors should monitor team formation in real
time using the admin dashboard, which displays each par-
ticipant’s team status. Before time expires, the instructor
can identify unmatched individuals and facilitate connec-
tions. For example, by announcing that several people are
still looking for teammates and asking teams with open
slots to reach out. This reframes the situation as a struc-
tural matching problem rather than a personal rejection.
Second, the debrief should present invitation data only at
the aggregate level (e.g., the distribution of invitations
received across all participants), and should never identify
specific individuals. When discussing why some partici-
pants receive fewer invitations, the instructor should
explicitly attribute this to network position and visibility,
reinforcing the theoretical point that structural factors
shape opportunity independently of talent. Third, partici-
pation in MDT should always be voluntary, with an alter-
native path (instructor-assigned teams) that carries no
penalty. Fourth, at the platform level, future versions of
MDT could boost visibility for peripheral participants. For
instance, by surfacing unmatched individuals higher in
search results as team formation progresses, or by sending
targeted notifications to teams with open slots about avail-
able participants. Finally, in contexts where participants
know each other well and social hierarchies are already
established, instructors should consider whether the
activity might reinforce rather than reveal existing
dynamics and adjust the framing accordingly.

From our experience, MDT works best when explicitly
framed around network concepts rather than merely as a
team-formation exercise. Without the theoretical framing,
participants may experience the activity as procedural
rather than as an opportunity to observe and understand
network dynamics. We also recommend that instructors
prioritize the debrief as a core component. Experiential
learning occurs not during the activity itself but in reflec-
tion afterward, when participants connect their experi-
ences to theoretical frameworks. The debrief is most effec-
tive when the instructor shares aggregate data (e.g., the
distribution of invitations received, the relationship
between prior ties and invitation probability), allowing
participants to see beyond their individual experience to
collective dynamics.

MDT provides educators with an immersive platform
for teaching social network concepts through direct
experience. The activity makes visible patterns that would
otherwise remain hidden: the gap between stated and
revealed preferences, the dominance of bonding capital
over bridging capital, and the emergent segregation that
results when individual choices aggregate. Most impor-
tantly, the activity creates moments of genuine insight.
When participants recognize their tendency to invite
familiar others, they see how network position shapes
opportunities and connect their experience to broader pat-
terns in social structure. The question “Have you been on a
dream team?” invites participants into a conversation about
why some teams thrive, and others struggle.
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