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literary text interpretation: an empirical study
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Abstract

The article presents the results of an experimental study in the field of L1 education that used literary
literacy and the interpretation of literary texts as examples to examine the reliability of generative Al in
helping learners in literature classes to overcome complex challenges. Due to the ambiguity of literary texts,
the reliability of Al faces particular challenges here. Based on an empirically verified model of literary
literacy, two chatbots considered particularly powerful—ChatGPT-5 from Open Al and Claude Sonnet-4.5
from Anthropic—were systematically tested. After explaining the study design, the initial results of the
experimental study are presented and discussed.
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Introduction

Since ChatGPT was presented as a technological innovation on November 30, 2022,
generative Al has permeated all areas of social, political, and scientific life. This also
applies to the field of education. The US Department of Education's “Artificial Intelligence
(Al) Guidance” (2025) and the “EU Artificial Intelligence Act” (2025) have established a
framework for using Al in educational processes. The KMK, the Standing Conference of
the Ministers of Education and Cultural Affairs of the German Federal States, has
announced concrete steps for the research-led use of Al in mathematics, German, and
foreign languages. However, its focus is on basic skills (KMK, 2024, p. 5). While this is a
pragmatic approach, It does not fully account for the opportunities and limitations of
generative Al's capabilities. After all, ChatGPT and other chatbots are already being used
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across the entire spectrum of school teaching, i.e., not only in basic but also in more
complex application contexts. Therefore empirical evidence is urgently needed here, too.

This is particularly true with regard to the reliability issue examined in this article. It
presents findings from the LL-Al-3 study, an experimental study in the field of L1
education (first language education), which used the example of literary literacy and
literary text interpretation to investigate the reliability of generative Al in supporting
learners in literature classes to overcome complex challenges. The first section examines
digital writing, reading and communication in, with, and by text-generating Al from
media-cultural and computational linguistic perspectives in order to highlight theoretical
foundations for using generative Al in schools (1). Against this backdrop, the question of
how teachers and learners can use generative Al effectively and reflectively in language
and literature teaching comes into focus. A research overview highlights opportunities
and challenges. The question of Al reliability plays an important role here. This is
particularly pertinent in the context of literary learning. Due to the ambiguity of literary
texts, Al reliability faces particular challenges here (2). In this context, research gaps
become apparent, which the presented study can help to close. For the first time, two
chatbots currently considered particularly powerful, Open Al's ‘ChatGPT-5' and
Anthropic's ‘Claude Sonnet-4.5’, were investigated in terms of their performance in the
field of literary literacy. First, the experimental study’s survey design is explained, then
initial findings are presented and discussed (3). On this basis, the potential of generative
Al as a tutorial system in the field of L1 didactics and subject-specific teaching and learning
in general is reflected upon (4).

1 Digital writing, reading, and communicating in, with,
and by text-generating Al

Digital writing, reading, and communication in, with, and by text-generating Al are part of
media culture history and have foundations in computational linguistics. Both aspects will
be examined below as they contribute to a better understanding of the opportunities and
limitations of generative Al in teaching and learning at school.

1.1 Generative Al from a media-cultural and linguistic perspective

It is a remarkable fact that digital writing and reading emerged from efforts to develop a
program-controlled calculating machine (Hiebel et al., 1998, p. 227). The effect that
computers have also established themselves as writing and information media is thanks
to Alan Turing's (1937) ingenious insight that the computer is not only a calculating
machine at its core, but a universal simulation machine which is able to imitate all symbol-
mediated interactions by ‘semiotically dissolving and reassembling numbers, writing, and
images, but also sound and haptics’ (Gramelsberger, 2023, p. 126). In this way, the ‘digital
reconstruction of the world’ (ibid., pp. 155-156) is possible —based on computer language
codes, the reception and production of which is part of the basic inventory of the ‘cultural
technique of the digital’ (ibid., p. 126).

Generative Al is one of these new cultural techniques of the digital. It complements the
existing spectrum of digital reconstruction of the world by imitating written and oral
interaction, creating a new quality of human-machine interaction. In this interaction,
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generative Al is not only a tool, but also a quasi-autonomous actor of digital writing,
reading, and communication processes. In other words, digital writing, digital reading,
and digital communication now also take place in, with, and by generative Al.

The basis of human-machine interaction in, with, and by generative Al are, in computer
linguistic terms, “prompts,” i.e., commands from the computer to a user and from a user
to the computer or Al. From a linguistic point of view, however, this is a communicative-
dialogical simulation based on illocutionary speech acts (Austin 1962; Searle 1965; 1969).
In linguistic theory, speech acts are considered the smallest complete units of human
linguistic communication (Searle, 1969). A chatbot initiates interaction with a user by
simulating an illocutionary speech act. For example: When accessing ChatGPT the
guestion “How can | help you?” appears on the screen, along with the prompt “Ask any
question” (https://chatgpt.com). Claude Sonnet-4.5 asks a similar question: “How can | help
you today?” (https://claude.ai/new). Both speech acts used by the chatbots aim to elicit
responses from human interaction partners in the form of illocutionary speech acts.
However, this “dialogical” framing of human-machine interaction should not be
misunderstood. A LLM model cannot think independently or act intentionally in the
medium of language. Human-machine interaction is not real communication between
two autonomous actors, but rather a simulation thereof. Generative Al merely mimics
communication from a large set of programmed speech acts resulting from an
intersection of plausible linguistic options. In the words of John Searle (1980, 427): "The
formal symbol manipulations [of a computer] by themselves don't have any
intentionality; they are quite meaningless [...]. In the linguistic jargon, they have only a
syntax but no semantics. Such intentionality as computers appear to have is solely in the
minds of those who program them and those who use them, those who send in the input
and those who interpret the output.”

1.2 Generative Al from a computational linguistic background

Although Al is capable of receiving and producing all facets of multimodal semiotics in
principle, the associated processes are language-based. Regardless of whether a chatbot
is asked to produce written, visual, auditory, or audiovisual signs or sign combinations in
the form of an image, an audio text, or a video, this always takes place in the form of
speech acts in natural language (questions, requests, commands etc.). This natural
language, which appears on the surface level of human-machine interactions, is
processed at the deep level of programming language in so-called ‘tokens’. In
computational linguistics, tokens refer to the smallest units with which Al models such as
ChatGPT process text. ChatGPT ‘understands’ and ‘generates’ (Porschen, 2024) text at the
token level, not at the word or letter level. However, the term ‘understanding’ is
misleading or inaccurate in the context of LLMs. In fact, chatbots do not ‘understand’
what they write, read, or communicate (Kramer, 2024, p. 303). LLMs use tokens to extract
‘meaning structures’ or ‘attributions of meaning’ from questions, statements, texts, or
prompts, and thus generate plausible-sounding statements based on statistical
probability.

Functional chatbots existed long before the advent of ChatGPT, Claude, Gemini etc.
However, early chatbots were not yet based on tokens. One famous example is ‘ELIZA’, a
language model developed by Joseph Weizenbaum (1966) at MIT. While the thesaurus-
based ELIZA model could only reproduce basic linguistic patterns unchanged, a Google
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research group (Vaswani et al. 2017) achieved a technological breakthrough with ‘a new
simple network architecture’ (ibid., p.1). The so-called transformer architecture enabled
the variable use and generation of linguistic interaction modules. With “Duplex,” Google
succeeded in creating an application in the form of a digital voice assistant for everyday
verbal communication (Metz, 2018), while Open Al developed “Generative Pre-trained
Transformers (GPT)” based on the transformer architecture using tokens. RLHF (=
“reinforcement learning from human feedback”) played a decisive role in this process
(Open Al, 2022). RLHF enabled human feedback on Al-generated responses to be used to
optimize the model's performance. On this “communicative-interactive” computer
linguistic basis, Open Al has been developing various GPT versions since 2018, before
ChatGPT was presented to the global public on November 30, 2022. Since then, numerous
other chatbot systems have emerged, such as ‘Claude’ from Anthropic, ‘Gemini’ from
Google, ‘Perplexity’ from Perplexity Al.

2 Generative Al in the context of language and literature
teaching and learning. A research overview

The media-cultural and computational linguistic background outlined in the previous
section is important for understanding the opportunities and challenges of generative Al
in the field of school teaching and learning. It forms the basis for reflective and responsible
use. Education policymakers in Germany have responded relatively quickly to the
opportunities and challenges presented by generative Al. The KMK, for example, has
emphasized the need to embed skills in dealing with Al as an integral part of all three
phases of teacher training and to teach and research pedagogical and didactic application
scenarios for Al in subject teaching (KMK, 2024, p. 8). In doing so, the KMK highlights the
use of generative Al as tutorial systems, for feedback, and as writing assistants to promote
basic skills in German, mathematics, and foreign languages (ibid., p. 5). In its
recommendations for the use of generative Al in schools, the SWK (=Standing Scientific
Commission of the Conference of Ministers of Education and Cultural Affairs), has
identified potential in particular with regard to text creation, internal and subject
differentiation, adaptive learning, and individual feedback (SWK, 2024, pp. 10-12). In
contrast to the KMK, however, the SWK recommends the use of generative Al in schools
only for secondary levels | and Il. In current research, these age groups are indeed a focus
alongside academic use, as the following research overview shows. At the same time,
gaps in research are becoming apparent.

2.1 Opportunities for language and literature teaching and learning through
generative Al

In the field of first language education (L1) and second language education (L2), relevant
research has been conducted on the use of Al applications in relation to the subjects of
German and foreign languages mentioned by the KMK. The focus is on the importance of
generative Al for English and German language learning and teaching, but with regard to
higher levels of schooling (Lee, Jeon, Mckinley & Rose, 2025; Fiihrer & Gerjets, 2024).
Potential is seen, for example, in generative Al as a writing assistant, for digital writing
processes (Steinhoff 2023), as a ghostwriter, writing tutor, and writing partner (Steinhoff,
2025, p. 85) or for Al feedback (Fiihrer 2025), for “argumentative writing” (Su, Lin & Lai,
2023) or automated feedback (Fleckenstein, Liebenow & Meyer, 2023; Meyer et al., 2024;
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Jansen et al., 2024). There is also relevant research on feedback on spelling, grammar,
text coherence, argumentation structure, and content quality of texts (Bewersdorff et al.,
2023; Fang et al., 2023). Insightful empirical research in the field of teacher
professionalism has also been conducted e.g. with regard to the usage and beliefs of
student teachers towards artificial intelligence in writing (Helm & Hesse, 2024; Hesse &
Helm, 2025).

2.2 The problem of the unreliability of generative Al as a challenge for
language and literature teaching and learning

Challenges for language and literature teaching arise from a problem for which the
anthropomorphic and euphemistic term “hallucinations” has become established. When
ChatGPT was released, OpenAl posted the following notice on its website: “ChatGPT
sometimes writes plausible-sounding but incorrect or nonsensical answers” (Altman,
2022a). Data scientist Teresa Kubacka already clarified on December 6, 2022, how
justified these warnings, which are now displayed during every interaction with ‘ChatGPT’
or ‘Claude’, are: "Today | asked ChatGPT about the topic | wrote my PhD about. It
produced reasonably sounding explanations and reasonably looking citations. So far so
good — until | fact-checked the citations. And things got spooky when | asked about a
physical phenomenon that doesn't exist." Similar warnings could be found early in
medical and psychological literature (Emsley, 2023, p.2; Else, 2023, p. 423; Smith, 2023;
Athaluri et al., 2023; Rawte, Sheth & Das, 2023; Bergener et al., 2023).

In the educational context, the SWK (2024, p. 13-14) drew attention to the problem of
the unreliability of generative Al at an early stage. The problem has also been addressed
in the research discourse on linguistic and literary teaching and learning (Frederking,
2023; Maiwald, 2023; Miller & Firstenberg, 2023). However, systematic empirical
research has been the exception so far. Examples include studies on improving the
reliability and transparency of ChatGPT for educational question answering (Wu, Y. et al.,
2023), on reading comprehension exercises generated by LLMs (Xiao et al., 2023), and on
a Tutor.Al tool developed in teacher training in the subject of German (Bach et al., 2025).

Two research projects funded by the former Federal Ministry of Education and Research
(BMBF) on the topic of digital sovereignty in L1 German language and literature teaching
have also conducted more systematic empirical studies on the reliability of generative Al
(Ascherl, 2025; Briiggemann et al., 2025a; 2025b; Frederking, 2025). These studies—LL-
Al-1 and LL-A2-2—focused on testing Al in the domain of literary literacy, as literary texts
pose particular challenges for comprehension due to their ambiguity (Eco, 1962; 1990)
and self-referential language use. For this reason, they are a good indicator of the
reliability of generative Al in a demanding learning area. The above-mentioned research
has provided evidence that ChatGPT has its limitations when dealing with literary texts,
which poses particular challenges for teacher training (Briiggemann et al., 2025a; 2025b).
However, the findings are based on ChatGPT version 4o0. Further research is therefore
needed to clarify whether the results are also confirmed in tests with ChatGPT-5, the
latest version of OpenAl. Furthermore, it needs to be investigated whether other
generative Al models, such as ‘Claude Sonnet-4.5" from Anthropic, lead to better results
than ChatGPT version 40. The LL-Al-3 study presented below should help to close these
research gaps—with the knowledge that follow-up studies will be necessary as new and
improved chatbots are introduced.
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3. The LL-Al-3 experimental study
3.1 Research design and research questions

In the LL-AI-3 study, the technical accuracy, reliability, and dimensionality of the Al-
generated interpretations produced by ChatGPT-5 were tested using test tasks for grades
8-10, which were also used in the LL-Al-2 study. The test tasks are based on the construct
of ‘literary literacy’, which was theoretically modeled and empirically tested in studies on
literary text comprehension (LUK) funded by the German Research Foundation (DFG)
between 2007 and 2013 (Frederking et al., 2012; 2016; Meier et al., 2017). Five sub-
dimensions of literary literacy were distinguished.

1. Semantic comprehension (= the ability to understand the content, meaning
structures, and scope for interpretation of literary texts).

2. Idiolectal comprehension (= the ability to grasp the formal specifics of literary texts
and their aesthetic function).

3. Literary knowledge (= the ability to apply background information to literary texts).
4. Aesthetic awareness (= the ability to recognize linguistic and stylistic features of
literary texts).

5. Understanding of emotions intended in literary texts (= the ability to grasp the
intended emotional effects of a literary text) (cf. Frederking, 2022a).

Comparison model 1 vs. 2
Chi2=370,71

df=14  p=0,0000
N=961

Idiolectal Literary Aesthetic Intended
LL Knowledge Awareness Emotions

67
Model Deviance (Param.)
(1.) 1-dimensional model: 94489.13 (236)
(2.) 5-dimensional model: 94118.42 (250)

Fig. 1: Five Dimensions of Literary Literacy (Frederking et al., 2016)

All five sub-dimensions have been empirically proven to be clearly distinguishable (Fig. 1).
A significant empirical separability had also emerged between literary literacy and reading
literacy (Fig. 2).
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Literary Literacy

Idiolectal Literary Aesthetic Intended
LL Knowledge J— Emotions

Reading

Literacy

N=961

Fig. 2: Literary literacy und reading literacy (ibid.)

The LL-Al-3 study was based on this five-dimensional model of literary literacy. As in LL-
Al-2, two lyrical texts and 82 empirically proven LUK test items and subitems (open, semi-
open, MC, and FC) were used. The LUK test tasks provide reliable measurement
instruments that have been systematically evaluated in three DFG projects in terms of
their validity, reliability, and objectivity. As in LL-Al-2, the investigations in LL-Al-3 were
conducted in four experimental runs, but with ChatGPT-5 and Claude Sonnet-4.5.

Experiment 1: ChatGPT-5 processed poem 1 and 51 items in five separate complete
runs (= 5 x 51 solutions = 255 solutions)

Experiment 2: ChatGPT-5 processed poem 2 and 31 items in five separate complete
runs (= 5 x 31 solutions = 155 solutions).

Experiment 3: Claude Sonnet-4.5 processed poem 1 and 51 items in five separate
complete runs (= 5 x 51 solutions = 255 solutions).

Experiment 4: Claude Sonnet-4.5 processed poem 2 and 31 items in five separate
complete runs (= 5 x 31 solutions = 155 solutions).

On this basis, both chatbots processed a total of 820 items across the two units. In each
case, the literary stimulus text (poem 1 or 2) was first made available to the two chatbots
by entering it in the dialog box. A note was then given that questions about the text would
follow. The questions or items were entered one after the other and answered separately
by the two chatbots. After completion, a completely new chat was started in each case to
avoid interference, dependencies, or influences. The item solutions were evaluated by an
expert using the coding grid successfully used in LUK research. Forced choice items were
evaluated separately in each case.
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Research questions

Five research questions formed the basis of the LL-Al-3 study:

Research question 1: Are the solutions to test tasks on literary literacy generated

by ChatGPT-5 and Claude Sonnet-4.5 correct?

Research question 2: Are there empirically measurable differences in the quality

of the solutions formulated by ChatGPT-5 and Claude Sonnet-

45 to the test tasks for the five dimensions of literary literacy?

Research question 3: Are the same solutions presented when the identical items

are processed five times, or are there deviations?

Research question 4: Are there any differences in the quality of the solutions
formulated by ChatGPT-5 and Claude Sonnet-4.5 compared

to ChatGPT-40 from the LL-Al-2 study?

Research question 5: Are there differences in the quality of the solutions

formulated by ChatGPT-5 and Claude Sonnet-4.5 in the five LUK

dimensions compared to ChatGPT-40?

3.2 Results

The data and results obtained in the LL-Al-3 study are presented and explained below in
direct relation to the five research questions.

Results for research question 1

There are slight differences in the number of correct solutions. The total percentage of
correctly solved items for the two poems was 88.9% in the experiments with ChatGPT-5
and 87.4% with Claude Sonnet-4.5 (see Fig. 3).
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Unit 1 Unit 2 Unit 1 Unit 2
% % % %
. 77,27 100 67,27 100
Semantic
comprehension 88,64 83,64
Idiolectal 68 88 80 14
comprehension 78 777
. 100 85,71 100 100
Literary
Knowledge 92,86 100
Aesthetic 100 100 100 100
Awareness
100 100
Intended 90 80 87,5 65
Emotions 85 76,25
Summe

Fig. 3: Results from ChatGPT-5 and Claude Sonnet-4.5 for the two LUK units

Results for research question 2

The data from the four experiments reveal similarities, but also differences in the quality
of the solutions formulated by the two chatbots for the five dimensions of literary literacy.
A overvieew table with an example item for each category is included in the appendix (see
table 1 in the appendix).

1. For the items on semantic comprehension, 88.64% of the solutions formulated by
ChatGPT-5 are correct, and 83.64% for Claude Sonnet-4.5. There are also clear differences
with regard to the two units. While both chatbots achieve 100% correct solutions for Unit
2, ChatGPT-5 only achieves 77.27% for Unit 1 and Claude Sonnet-4.5 only 67.27%.

2. In terms of idiolectal comprehension, both chatbots are close together in their total
scores. ChatGPT-5 achieves 78%, Claude Sonnet-4.5 77%. Clear differences can be seen
when looking at the two units. ChatGPT-5 achieves only 68% correct solutions in Unit 1,
while Claude Sonnet-4.5 achieves 80%. The situation is exactly the opposite in Unit 2.
Here, ChatGPT-5 is ahead with 88%, while Claude Sonnet-4.5 only achieves 74%.

3. With regard to literary knowledge, ChatGPT-5 achieves a total of 92.86%, while Claude
Sonnet-4.5 reaches 100%. The performances also differ in the two units. Claude Sonnet-
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4.5 achieves 100% in both units, while ChatGPT-5 also comes to 100% in Unit 1, but only
to 85.71% in Unit 2.

4. In the area of gesthetic awareness, ChatGPT-5 and Claude Sonnet-4.5 each achieve
100% in the total score and in both units.

5. ChatGPT-5 succeeds in capturing textually intended emotions in 85% of cases, while
Claude Sonnet-4.5 achieves only 76.25%. In Unit 1, ChatGPT-5 reaches 90% correct
solutions, while Claude Sonnet-4.5 comes to 87.5%. In Unit 2, ChatGPT-5 achieves 80%,
while Claude Sonnet-4.5 even only reaches 65%.

Results for research question 3

While processing a unit five times, the two chatbots produce partially different solutions.
In Unit 1, the results generated by ChatGPT-5 in the five runs differ for 4 semantic items
and 5 idiolectal items. In Claude Sonnet-4.5, differences appear in the five runs for 2
semantic items and 2 idiolectal items. In Unit 2, the results of ChatGPT-5 vary in the five
runs for 2 idiolect items and 1 item on intended emotions. With Claude Sonnet-4.5, there
is only 1 item in the area of intended emotions in Unit 2 where deviations occur.

Results for research question 4

The results of the LL-Al-3 study show that the two current versions of ChatGPT and Claude
perform significantly better in the area of literary literacy than ChatGPT-40 in the LL-Al-2
study. While only 81.5% of the solutions generated by ChatGPT-40 were correct, the
figure is 88.9% for ChatGPT-5 and 87.4% for Claude Sonnet-4.5.

Results for research question 5

ChatGPT-5 and Claude Sonnet-4.5 also perform better than ChatGPT-40 in almost all tests
relating to the five literary literacy dimensions. While ChatGPT-40 generates only 60%
correct solutions semantically, ChatGPT-5 (88.64%) and Claude Sonnet-4.5 (83.64%)
achieve improvements of over 20%. An increase of over 20% in the frequency of solutions
can also be observed in terms of idiolect. The 55.6% of ChatGPT-40 is contrasted by 78%
for ChatGPT-5 and 77% for Claude Sonnet-4.5. The progression is lower in the area of
subject knowledge (ChatGPT-40: 92%; ChatGPT-5: 92.86; ‘Claude Sonnet-4.5": 100%) and
‘Aesthetic Awareness’ (ChatGPT-40: 90%; ChatGPT-5: 100%; Claude Sonnet-4.5: 100%).
The opposite finding can be seen with regard to intended emotions. Here, Claude Sonnet-
4.5 lags behind ChatGPT-40 with 76.25% compared to ChatGPT-40 with 78.8% and
ChatGPT 4 with 85%.
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ChatGPT 40 ChatGPT 5 Claude Sonnet 4.5
% % %

Semantic . 60 88,64 83,64
comprehension
Idiolectal . 55,6 - 7
comprehension
Literary 92 92,86 o
Knowledge
Aesthetic
Awareness 90 100 100
Intended
Emotions 78,8 85 76,25
Summe

Fig. 4: Comparison of results from ChatGPT-40, ChatGPT-5, and Claude Sonnet-4.5

4 Discussion and outlook

The findings of the LL-Al-3 study indicate improved performance of ChatGPT-5 and Claude
Sonnet-4.5 in the area of literary literacy compared to the ChatGPT-40 version tested in
LL-Al-2. In the discussion of conclusions and limitations, two perspectives must be
distinguished.

4.1 Conclusions and limitations |

The aim of the LL-Al-3 study was to help eliminate a desideratum in empirical educational
research in the field of L1 education in German language: the empirical verification of the
reliability of generative Al using the example of literary literacy. The performance of
ChatGPT-5 and Claude Sonnet-4.5 was empirically investigated. The theoretical basis was
the five-dimensional model of literary literacy developed and empirically confirmed in the
context of LUK research. Using the test instruments developed in this context, ChatGPT-
5 and Claude Sonnet-4.5 each worked through two empirically proven units on lyrical
texts five times. The results showed that both chatbots performed significantly better
than ChatGPT-40 in the area of literary literacy in general and in four of the five
dimensions of literary literacy. Only in the area of intended emotions Claude Sonnet-4.5
performed worse than ChatGPT-40. The persistence of fluctuations in the solutions of an
item when it is repeatedly processed is surprising. This problem, already observed in the
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LL-AA-2 study with ChatGPT-4o0, persists in the LL-AA-3 study with ChatGPT-5 and Claude
Sonnet-4.5.

Despite these minor limitations, the findings of the LL-Al-3 study are of immediate
practical relevance for L1 literature teaching in German language and other languages.
This is partly because the negative results from the LL-Al-1 and LL-Al-2 studies regarding
the reliability of generative Al in the context of literary literacy were not confirmed in the
LL-Al-3 study. Rather, ChatGPT-5 and Claude Sonnet-4.5 prove to be significantly
improved in their ability to interpret literary text compared to previous versions such as
ChatGPT-40. With scores of 87.4 and 88.9 respectively, Claude Sonnet-4.5 and ChatGPT-
5 are approaching a good level, but have not yet fully achieved it. In other words, the
results provide initial empirical evidence that ChatGPT-5 and Claude Sonnet-4.5 appear
to be near to the level of a good learner in the area of literary competence, but not yet
that of an excellent learner. While the previous studies LL-Al-1 and LL-Al-2 still suggested
great caution with regard to ChatGPT 3 and 4, the results of the LL-Al-3 study provide
initial indications that the latest versions of ChatGPT-5 and Claude Sonnet-4.5 can be used
in a relatively reliable manner for feedback or practice purposes in literature classes. The
use of generative Al as a tutorial system, which has been repeatedly recommended in
research for literature teaching (Fihrer & Gerjets, 2024), has thus found improved
foundations in the latest chatbot versions from Open Al and Anthropic. However, further
improvements are needed to ensure that Al tools can be truly reliable aids in literature
teaching.

For this reason, further research is needed:

The results of the LL-Al-3 study, which are based on the latest chatbot versions, will
need to be re-evaluated when newer versions from Open Al or Anthropic become avail-
able on the market.

In follow-up studies with the LUK instruments, it should be examined to what extent the
findings obtained with lyrical texts can also be confirmed with epic and dramatic literary
texts, for which LUK units and test instruments are also available.

It should be investigated to what extent prompt engineering can contribute to further
optimization of performance. In the LL-Al-2 study, these attempts were only partially
successful (Ascherl 2025; Briiggemann et al. 2025a). However, the challenges identified
in the LL-Al-3 study in the areas of literary ambiguity, contradictory text signals, or in-
tended emotions could provide starting points here.

Furthermore, the irregularities in the solution of items during repeated processing by
generative Al that became apparent in the LL-Al-2 study and the LL-Al-3 study need to
be clarified.

The results presented are also limited with regard to the underlying versions and types
of generative Al. For example, it should be examined whether the new version ‘Claude
Opus 4.5’ from Anthropic performs better in the area of literary literacy than Claude
Sonnet-4.5. Other offerings such as Gemini 3, Perplexity, NotebookLM, Vobizz, or KAI
should also be included in follow-up studies.
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4.2 Conclusions and Limitations Il

In the context of general subject didactics (Bayrhuber et al., 2017; Rothgangel et al., 2021;
Frederking, 2022b), the question also arises as to what extent the results of the LL-Al-3
study are relevant for other subject didactics. In this sense, it must be clarified whether
the results generated using the example of literary literacy with a reliability of
approximately 88% for ‘ChatGPT-5’ and ‘Claude Sonnet-4.5’ can also be confirmed in
other subjects or subject didactics for tasks on subject-specific topics. The finding that
ChatGPT-5 and Claude Sonnet-4.5 arrive at different results when tasks are repeated is
also significant for other subjects and subject didactics. The question is how learners,
teachers and researchers get to a level of Al literacy (Long & Magerko 2022) in subject
specific contents that allows them to understand principles of GPT and LLM, and
understand what they mean for using these tools. For example, there are good
arguments, that understanding OpenAl’'s “Temperature” and “Top_p” Parameters in
Language Models (de la Vega, 2023) are a key for digital sovereignity and Al literacy in
subject teaching and learning in general. In addition, research at the level of general
subject didactics is needed to clarify whether and to what extent precise prompt
engineering can significantly improve the performance of generative Al by adding
additional material. These questions point to a need for research in joint projects
involving several subject didactics.
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Appendix

Tab.1: Examples of Items in the five dimensions of literary literacy

Semantic comprehension

Der Autor des Gedichts ,,AUS!“ erfand fiir sich und seine Frau das gemeinsame Kind
Ludolf, da fiir ihn ein Kind das groBtmdogliche Gemeinsame in einer Beziehung zwi-
schen Mann und Frau darstelit.

a) Nenne eine Textstelle des Gedichts ,AUS!”, die durch diese biografischen Informationen neue Deu-
tungsméglichkeiten erhdlt.

Textstelle: LVErS(€) woveeeeeeeeeeereieeieeereree e

b) Wie ldsst sich die Textstelle mit Hilfe dieser Zusatzinformation deuten? Notiere zwei Aspekte.

Idiolectal comprehension

Ein Schiiler behauptet, dass die Satzzeichen am Versende oft die Aussage des Tex-

tes stiitzen.
Suche bitte eine Textstelle heraus, fiir die diese Behauptung zutrifft, und erklare deine Wahl.

Q=8 =] | L=t

EKIGIUNE: < ettt ettt et e s s ee e st e e e st e s s be e st e sseesaeeeeseessbeesstes sseennsaeenneenann
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Literary Knowledge

RISTAL 8(2)/2025, 70-87.

In welchem der folgenden Texte spielt das Ende einer Liebesbeziechung eine we-

sentliche Rolle?

Kreuze bitte an, was nicht zutrifft und was zutrifft. (Bitte in jeder Zeile nur ein Kreuz)

a) Romeo und Julia (William Shakespeare)
b)  Das Tagebuch der Anne Frank (Anne Frank)
c) Erebos (Ursula Poznanski)

d)  Corpus Delicti (Juli Zeh)

Aesthetic Awareness

Lies dir die Verse 11 und 12 noch einmal aufmerksam durch.

»Ihr wart euer Kind. Jede Halfte sinkt nun herab —:
ein neuer Mensch.”

Trifft Trifft
nicht zu zu
O a
O O
O O
O O

Kenne
ich
nicht

O

O

Dieser Textauszug ist sprachlich ungewéhnlich gestaltet. Notiere eine Auffélligkeit und erldutere kurz

deine Wahl.

AUTFAIIIGKEIT L: oottt e s s ete e e ae s e re e s saeesaae s seaeesstesesaae s saesasessessesnsesesasesnsannseen

EFJAULEIUNG: ..ottt e e e st e e e e s rtae e s seesae e s sessaee s seaaeeess saaeass asaeeassssaeenssssseasnsnneesnnnens

Intended Emotions

Welche emotionalen Reaktionen sollen durch den Text nach der Lektiire beim Le-

ser/bei der Leserin entstehen?

Kreuze bitte an, was nicht zutrifft und was zutrifft. (Bitte in jeder Zeile nur ein Kreuz)

Trifft Trifft eher

nicht zu zu
a)  Schuldgefiihle 0O O
b)  Schadenfreude O O
c) Betroffenheit O O
d)  Distanz zu Gefiihlen O O
e) Arger O O
f)  Gelassenheit O O
g)  Erniichterung O O
h)  Trauer O O
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